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1 Introduction

1.1  Background

Social media marketing is part of the wider field of digital marketing. Since the advent of
internet and of social media, marketers have found new ways to promote their businesses,
exploiting the new channels. Digital marketing was born during the 90s and 00s and it has
developed really fast since then, changing the way people look for information and the way
companies talk to their customers.

Traditional marketing uses traditional channels, like prints on newspapers and magazines,
spots on Tv or on the radio, outdoor billboards or fliers and many others. The main
advantages are the fact that it is permanent, easy to remember for the people who sees the
ad and impactful as it is easy to understand; the main disadvantages are the cost, the fact
that it is not easy to measure its impact and that it doesn’t provide a direct interaction with
the audience.

Digital marketing instead uses digital channels to communicate with the audience, like
websites or social media. Its main advantage is the fact that it is easy to measure, to see how
many people liked it, how many shared it and so on; moreover, it allows to target consumers.
The main disadvantages are the fact that ads can be considered annoying online, people do
not want to see them and try to skip them when it is possible; another drawback is the rate
of evolution, digital marketing in fact evolves incredibly fast and it requires a specialist for
each channel.

1.2 Research problem

Due to the increasing spread and diffusion of social media, not only firms and businesses
have joined these communication channels, but also Universities and Business Schools. The
methods and strategies of communication for educational institutes can be different than the
ones for companies; it is important to understand what are the elements and tools that have
a positive influence on brand awareness, brand engagement and word of mouth for Schools
and Universities.

1.3 Objectives

This research aims to define what are the most effective communication strategies and
approaches for the promotion of masters and educational programs online, and, in particular,
on social media, in order to apply to the Specializing Master’s Programmes and Lifelong
Learning School of Polytechnic of Turin the actions and tools, that from the analysis, result
efficient and effective. To conduct the analysis, real data, from the social pages of the main
Business Schools in Italy, were used; the social media taken into consideration are Facebook,
Instagram, LinkedIn and partially YouTube, while the schools chosen are MIP, Luiss
Business School, SDA Bocconi and Cuoa Business School. The data collected in a three
months’ time frame were used to create four linear regression models on the software SPSS
to understand the correlation between the metrics likes, comments, reshares and video views
and the characteristics of the posts published on the social media pages of the Schools. The
results of the analysis are used to create a set of strategies to be implemented by the
Specializing Master’s Programmes and Lifelong Learning School of Polytechnic of Turin.



1.4  Limitations
The limitations of this thesis work are:

The Business Schools considered were only four and all located in Italy; no
International Schools were analysed. The Schools chosen are all in Italy as the School
of masters of the Polytechnic of Turin, so the choice was made in order to have
educational institutes that could be comparable to it.

The time frame considered was of only three months and the time frame considered
partially corresponded to the lockdown due to the Covid-19 pandemic. Therefore,
the posts collected could have been influenced by that. In order to overcome this, the
analysis should be carried over by collecting posts also in another time frame, to
compare results.

Only Facebook, Instagram and LinkedIn were used in the linear regression models,
as they are the most used channels. YouTube was considered in chapter 3, where a
general overview of the use of social media by Business Schools is made; it was not
included in the linear regression model as the metrics that should be used to evaluate
brand awareness, brand engagement and word of mouth for this social media are
different with respect to ones that were used for Facebook, Instagram and LinkedIn.



2 Digital marketing essentials

2.1  Digital marketing

Digital marketing has destroyed some of the barriers to entry for new companies, which can
now make themselves known to the public more easily; in fact, television is not the major
marketing mean anymore. Digital technology has changed the way people behave and look
for information. It can be defined as the use of digital channels to engage, communicate with
and influence consumers in an effective way.

The main categories in which digital marketing can be divided are outbound marketing and
inbound marketing (1).

2.1.1 Outbound marketing

Outbound marketing is the traditional way to do marketing, in which the company takes
actions in order to send a message to target consumers. In the digital form it can be divided
into search, display and video ads (1).

2.1.1.1 Search ads

Nowadays, when people start searching for a product/service they type the relevant terms on
a search engine, e.g. Google, rather than going directly to a website. For this reason, it is
important for a company to appear in the first positions in the search results pages, in order
to be noticed by the customer.

Links can be divided into organic and sponsored. The former are ranked based on relevance
and popularity, while the latter are above organic links, so in a more visible position. To
appear as a sponsored link the company must pay the search engine and buy the keywords
(individual words or multiword phrases) in which it wants to appear. For the company it is
essential to create with attention its keyword portfolio, since consumers searching for the
same information may use different words, different languages but also for the fact that
misspellings are common. Moreover, companies have the possibility to buy negative
keywords to avoid appearing in specific searches. Keywords can be divided into branded
and generic. Companies can buy their branded words or the ones of other companies for
defensive and offensive reasons (1). Most search engines provide a service to help
companies choose the keywords and monitor the web traffic for each of them, being it not
an easy task.

2.1.1.2 Display ads
This kind of ads appear on a website that the company considers relevant for its target
consumers. It can take many forms:

1. Banner ads: usually at the top of the web page;

2. Interstitial ads: entire web pages that appear to the consumer before he is directed to
the requested page;

3. Expandable banner ads: banner ads that automatically expand to a larger portion of
the screen;

4. Opverlay: interstitial ads with a transparent background, so that the user can see the
original web page;



5. Rich media: Ads that include videos, audio or hyperlinks to click;
6. 360-degree ads: designed for mobile phones, they provide a 360-degree view as the
user moves the phone.

The value chain of display ads is composed of many players. The publisher of the content
sells space on its website to marketers who want to promote their business. To help the
connection between marketers and content publishers there are intermediaries: ad networks
and ad exchanges. Ad networks collect the supply of advertising space and match it with
advertiser’s demand; they also provide support to optimally place ads. Ad exchanges make
this matching automatically, using programmatic buying, which implies a real-time bidding,
like for stock exchange. There are also demand-side platforms and supply-side platforms,
which act as brokers to connect the players in the value chain (1).

Displays ads can be

1. contextual if they match the website topic;

2. retargeting if they are shown to consumers who have previously visited the
company’s website;

3. morphing if they are selected from a portfolio of ads based on consumer attributes.

2.1.1.3 Video ads

This kind of ads are similar to display ads, but they are made of more dynamic images. Their
use is currently growing not only on digital platforms, but also on smart TVs and streaming
services (1).

They can be:

1. skippable in-stream (it can be skipped after a few seconds),
2. non-skippable in-stream (lasts 15-20 seconds),
3. bumper (non-skippable, lasts less than 6 seconds).

2.1.2  Inbound Marketing

Inbound marketing is based on a close relationship between the company and consumers,
which have voluntarily showed interest in the products or services offered by the company,
for example by subscribing to a newsletter or to the company’s social networks (2) and they
have been attracted by high quality content marketing. In this kind of marketing the focus
for the company is to ensure that consumers can find it when they search for information.

Among inbound marketing we can distinguish between content marketing, search engine
optimization and social media marketing (3). In the following paragraphs content marketing
and search engine optimization will be analyzed, while social media will be taken into
consideration in greater details in paragraph 2.2.

2.1.2.1 Content marketing

Content marketing consists in creating, distributing and sharing content, which is useful,
relevant for customers and you can obtain profits from it (4). This kind of content is usually
published on proprietary media, like websites.



2.1.2.2 Search engine optimization

Search engine advertising or pay-for-search ads, is based on the fact that sponsored content
appears on the search page on top or next to the search results (5). Since people conduct
online researches before buying a product, it is important for companies to be visible when
a consumer makes a search on a search engine.

The first organic links are the ones that are viewed more times by consumers, so companies
need to find a way to position their website in the top results for a search. Companies can
gain ranks through search engine optimization (SEO). For example, Google ranks links
based on relevance (match between search and the web page; page content and meta tags)
and authority (measure of the importance of the web page). The authority is measured by
Google with a proprietary algorithm, the so-called PageRank (1). So, the content of the web
page is essential, it has to answer consumers’ questions, to go beyond basic product
information and it must be interesting, original and create trustworthiness in order to
encourage other pages to provide links to it.

Another focal point is the landing page since its goal is to convert visitors into customers, so
website design and user experience are essential.

2.1.3 Mobile technology

Mobile technology has changed the way consumers behave with respect to the desktop of a
computer. First, the screen size is different; people are used to smaller screens and so less
inclined to read for long periods. Contents on mobile phones are usually rich, they include
many photos and videos. Second, mobile phones allow companies to target consumers in a
specific location, thanks to location data. In fact, the use of mobile phones allows companies
to show an ad at the right moment (moment-based marketing) by using the information they
have concerning the location or plans of the consumer. Third, phones provide access to
information in an easy and fast way, so people can compare prices and read reviews even
while they are shopping in a physical store. Fourth, smartphones include many apps, so ads
need to adapt to them (1).

In Table 2-1 the main tools of both outbound and inbound marketing are summarized.

Search ads
Outbound marketing Display ads

Video ads

Content marketing
Inbound marketing Search engine optimization

Social Media
Table 2-1: Summary of the main digital marketing tools.

2.2 The use of social media

The origin of social media goes back to 1979, when Tom Truscott and Jim Eliss, from Duke
University, founded Usenet, a social network which allowed worldwide users to post public
messages in a discussion system. Probably, the first social media as it is intended today was



“Open Diary”, a weblog, or in short just blog, created by Bruce and Susan Abelson in 1998,
which gathered together online diary writers (6). In the following years, thanks also to the
growing availability of high-speed internet connections, social media gained popularity and
new ones were created. In particular, at the beginning of the 2000s, many social platforms
that we still know and use today were founded. In figure 2.1, the timeline representing the
history of social media from 1978 to 2015 is shown.

The History of Foursquare ->

Social Media foursquare &

swarm; Beho
= re-launches

Facebook b
opens to
the public

® e [Ki -

i Facebook buys Twitter!huys
| Klout @ Instagram; Twitter Periscope

! D) ctamate Gudgle 1) launches, buys Vine; Findery @
Bulletin acquires scoring launches as Pinwheel

Board users' social

4 Blogger ) Bubbly launches in
System 1997 ) media 1]
! Yahoo buys | the UK; Yahoo buys ==

Launched influence

Google.com Flickr Tumblr; Myspace
is registered re-launches Q

Figure 2-1: Social media timeline (7)

Among the most important social media founded at the beginning of the 2000s, there are
Friendster, Myspace, LinkedIn, Facebook, YouTube and Twitter. Today Friendster does not
exist anymore, while Myspace is still active but not with a large customer base (8).
Facebook, LinkedIn, YouTube and Twitter are still in use and they are among the most
popular ones.

Social media have now more than 3.8 billion of users around the world, and, by the middle
of 2020, half of the global population will use them (9). In figure 2-2 the most used social
media around world are shown. The first place is taken by Facebook, with almost 2.5 million
of monthly active users.

In general, social media can be defined as web-based applications that are built on the
foundations of Web 2.0, both ideologically and technically, and allow users to create and
exchange User Generate Content (UGC) (6). What characterizes and differentiates social
media from the traditional communication means is the fact that they allow the actors that
take part on social media to communicate with one another along dyadic ties (10); besides,
they are multi-way by definition.
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Figure 2-2: World’s most-used social platforms (9).

2.2.1 Customers

The use of social media has spread significantly over the last 15 years; from the advent of
Facebook on, many relationships have migrated to the online world and today the question
1s no more whether people are signing in but what they are looking for on social media and
which platforms they choose according to their needs (11). For companies it is crucial to
understand what consumers are looking for in order to answer to their desires.

According to O. Toubia, A. T. Stephen (12) people contribute to social media for mainly
two reasons:

1. Intrinsic utility: this is the utility users get from posting content;
2. Image-related utility: it is indirect utility that depends on the perception that others
have about us on social media.

These reasons can be found also in the value that users are looking for on social media, which
can be summarized in values identified by M. Seraj (13):

1. Intellectual value: coming from the co-creation of contents and the quality of content
itself;

2. Social value: coming from the use of the platforms and their social connections;

3. Cultural value: represented by the self-governed community culture and social norms
to evaluate the behaviour of other users.

2.2.2 Companies

Firms engage in social media for marketing purposes mainly due to external pressures (11),
competition and the increasing popularity of these channels for communication, but they
soon realized that they can be a way to improve the performance (14), create or strengthen
relationships with consumers, reach new audience and enhance word of mouth (15). In
addition, the introduction and fast spread of social media have offered companies and brands



new ways to communicate and interact with consumers; firms have always talked to their
consumers through the traditional marketing means, like broadcast, advertising, direct mails
and telephone, but now, thanks to online platforms, customers can not only talk to each other
but also to companies (16). In any case, social media users talk about brands, it is the brand
that has to decide whether it wants to participate in the discussion or not (17).

On social media companies lose the control they were used to have on traditional media, in
which you can easily buy a sustained reach; on online platforms, the content will not reach
the targeted number of people if it not shared by users. Thus, it is crucial for firms to
understand the motives of consumers, so that the content published by the company can
match the tastes of consumers, which will then have the incentive to pay attention to it and
most of all share it with their network (18).

2.3 How to engage customers

2.3.1 Metrics

The first step in order to measure and understand customer engagement on social media is
to define the metrics that will be used; by doing this, managers and marketers can understand
what is having success, so what actions can be repeated, and what is not, so that corrective
measures can be undertaken. A metric can be defined as a measurement system that
quantifies a static or dynamic characteristic (19).

The metrics must measure the three main objective of a social media marketing campaign,
which are the following:

e Brand awareness: the exposure of the brand is increased every time a user reaches
content created by or regarding the brand (20);

e Brand engagement: it can be identified on social media by looking at the content
generated by users, which creates commitment from the consumers and increases
their loyalty towards the brand (20);

e Word of mouth: the opinions and feedbacks, both positive and negative, of
consumers are shared (20);

Brand awareness can be measured online through metrics that look at the exposure of the
brand page, so for example the number of fans/members of the page itself; Brand
engagement is related to the content generated by users, so a good measure can be the
number of comments of a post; word of mouth can be analysed through the number of
reshares of a post. Figure 2.1. summarizes a certain amount of metrics divided according to
the objective they are related to.

SO0CIAL MEDIA APPLICATION | BRAND AWARENESS BRAND ENGAGEMENT 'WORD OF MOUTH

Social Networks snumber of members/fans snumber of comments sfrequency of appearances in
(e.g., Bebo, Facebook, enumber of installs of applications snurmber of active users timeline of friends
UL, sniumiber of impressions snumber of “likes” on friends’ feeds ~ *NUMber of posts on wal
snumber of bookmarks enumber of usergenerated items snumber of reposts/shares
snumber of reviews/ratings (photos, threads, replies) snumber of responses to friend
and valence +/— ) sUsage metrics of applications! referral invites
widgets

simpressions-to-interactions ratio
orate of activity (how often members
personalize profiles, bios, links, etc.)

Figure 2-3: Social media marketing objectives and related metrics. (20)



Due to the highly dynamic nature of social media, it is important to consider also how the
numbers change over time, so the increase or decrease in metrics such as the number of
followers, as it can be more important than the mere state (18).

K. Peters et. al (18) give also other suggestions regarding the metrics that a firm should
adopt. First, all the relevant social media used by the company must be included in the
analysis, in order to check which are the most effective ones and to detect possible spillover
effects among them. Then, different categories of users that engage with the brand social
page have to be considered; each category will have different characteristics and different
levels of engagement, it is important to look at this and marketers should have a particular
focus on the most engaged category; what matters here is quality more than quantity. Finally,
due again to the dynamic nature of social media, it is important to update the metrics and the
method used to analyze the actions undertaken over time, since things can change, like the
state of diffusion of social media or the engagement of users.

2.3.2 Post characteristics

To effectively engage consumers, it is important to understand what types of posts on social
media attract more attention, what characteristics increase the number of likes and
comments, in order to successfully implement them.

The metrics that will be considered from this point on are:

e Number of likes received in a social media post;

e Number of comments received in a social media post;

e Number of times the post has been shared by social media users;
e Number of fans/followers of the social media page;

e Number of visits of the social media page.

As shown in Figure 2-1, number of like and number of followers are metrics that measure
brand awareness, the number of comments is a measure of brand engagement, number of
shares measures the word of mouth (17), while number of visits of the page is related to the
usage intensity (21).

The main post characteristics that are considered are:

e Vividness: extent to which a brand post stimulates the different senses (22);

e Interactivity (or co-creation): The degree to which two or more communication
parties can interact, on the communication medium, and on the messages. Possibility
to share opinions and read feedbacks of other consumers (21), (22);

e Informational content (or functional value): The post contains useful, functional or
practical information about the company or its products (22),(21), (23);

e Entertainment content: The post is not related to the brand, but it is made of fun,
exciting and entertaining content (22);

e Top position of the post: The most recent posts are on the top of the brand page,
while older ones shift down (22);

e Number of positive comments: The comments written under the post and positive
feedbacks by other customers (22);



e Number of negative comments: The comments written under the post and negative
feedbacks by other customers (22);

e Emotional content: The post stimulates very strong emotions, which can both be
positive and negative (23) (24).

In table 2-1 the previously mentioned post characteristics are put in relation with the most
common social media metrics (number of likes, number of comments, number of shares,
number of fans, number of visits to the page). The symbol “+” is used to show a positive
correlation between the post characteristic and the metric, which means that the presence of
that particular characteristic increases the related metric; the symbol “—” instead is used for
negative correlation, so the presence of that characteristic reduces the value associated to the
metric.

Top
Informational = Entertainment = position = Positive Negative ~ Emotional
content content of the comments comments content
post

Number
Number

of a4 =F = = =
comments

Vivid | Interactive

Number
of shares

Number
of fans

Number
of visits to F
the page

Table 2-2: Relationship between metrics and post characteristics
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3. Business Schools on social media

Everything said concerning the use of social media for companies in paragraph 2.2.2 can
apply also to universities, but it can be of interest to further identify what are the reasons and
motives that push universities to join social media and how they can exploit this mean.
Universities can exploit the potential of social media not only to attract new students but also
to share the principles and history of the institute. Culture and sense of tradition make
students feel part of something and encourages them to share the posts on their own social
media. Moreover, they can be used as a platform to answer questions and share students’
feedbacks; they are a channel for communication and for the spread of information.

To engage both enrolled and potentially new students, variety is a key element. Sharing
always the same type of contents makes people get bored and they will not pay attention to
posts, so it is important to create interest in many areas (news, researches published, students
highlights, campus events and activities, etc...) (25). Exciting events should be used to boost
current students’ engagement and increase the number of people that share the post on their
own profiles in order to reach also their followers. It is also a way to increase the interest of
prospective students who are scoping out the university.

Another important role of social media for universities is the fact that they allow to keep a
connection with alumni after their graduation (26). Through these channels the institutions
can share the life and career of the most valuable students that carried out their studies there.
It is a way to increase the exposure of the school and the value for both students and
university.

It can be useful and interesting to look at how universities and schools of master relate to
social media, what do they publish, how often and in which channels, in order to understand
what tools the Specializing Master’s Programmes and Lifelong Learning School of
Polytechnic of Turin can use for its own social networks and which social media it should
engage in. In order to make a comparison, business schools have been chosen, as they offer,
in addition to MBAs and executive programs, masters of first and second level, as the
Specializing Master’s Programmes and Lifelong Learning School of Polytechnic of Turin.
The Business Schools that have been taken into consideration are Luiss Business School,
SDA Bocconi, MIP and Cuoa Business School; the choice has been made to have some
variety in the sample; in fact, MIP is connected to a public University, the Polytechnic of
Milan, Luiss Business School and SDA Bocconi are related to private Universities,
respectively Luiss Guido Carli and Bocconi, while Cuoa Business School is not connected
to any University, but it just offers master programs. Moreover, they cover different areas of
Italy, as MIP and SDA Bocconi are located in Milan, Luiss Business School in Rome and
Cuoa Business School in Altavilla Vicentina.

Another important aspect to take into account concerning the schools of master considered
for the analysis is the sizes of the faculties, which are summarized in Table 3-1. To have a
measure of the size the number of students enrolled is considered.

Luiss Business School in the school year 2018/2019 had 1293 students enrolled in a master’s
degree of I or II level (27); in SDA Bocconi the number of students of a master or of an
MBA during the school year 2016/2017 was 589 (28); in the school year 2018/2019, MIP
had around 3000 students, plus thousands participants attending the customed courses
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organized for business customers, and, at the moment, there are around 4900 students
enrolled (29); Cuoa Business School in the school year 2018/2019 offered master programs
to around 4800 students (30); the Specializing Master’s Programmes and Lifelong Learning
School of Polytechnic of Turin during the school year 2018/2019 had 565 students enrolled
in I and II level Specializing Master programs, Lifelong Learning courses and training
courses for businesses (31).

School of masters Number of students
Luiss Business School 1293 (school year 2018/2019)
SDA Bocconi 589 (school year 2016/2017)
MIP 4900 (school year 2019/2020)
Cuoa Business School 4800 (school year 2018/2019)
Specializing Master’s Programmes and
Lifelong Learning School of Polytechnic of 565 (school year 2018/2019)

Turin

Table 3-1: Number of students of the Schools of Master considered

In their websites, Business Schools clearly display at the bottom or at the top of the web
page the social media in which they are present by displaying the icon of the social network,
with a direct link to the social page. SDA Bocconi (32) and MIP (33) show on their webpage
that they have a social brand page on Facebook, Instagram, Twitter, LinkedIn and YouTube;
Cuoa Business School (34) in addition to these social media has also the link to the ‘social
cuoa space’, a webpage with articles about many fields, from finance to sustainability and
food & wine, feedbacks from alumni that share their personal experience and the possibility
to subscribe to their newsletter; Luiss Business School (35) shows the icon not only of
Facebook, Twitter, Instagram, LinkedIn, YouTube as the other universities, but also Flickr
and, in some parts of the website, of Google plus, even though the latter was closed in April
2019. The Specializing Master’s Programmes and Lifelong Learning School of Polytechnic
of Turin (36) is present only on Facebook.

University facebook  nstagruam Linked[[ You[[L
SDA Bocconi v v v v v
MIP v v v v v
Luiss Business v v v v v
School

Cuoa Business v v v v v
School

Specializing

Master’s

Programmes and v x x x x
Lifelong Learning

School

Table 3-2: Social media and universities
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3.1 SDA Bocconi

SDA Bocconi is a section of Bocconi University that is dedicated to post-experience
programs, from Specialized Master Programs and MBAs to executive courses, and it has its
own social media pages, which are separated from the ones of Bocconi university. The
Facebook page (37) is mainly used for the promotion of the educational programs through
photos with information concerning the master and many videos of the successful stories of
people who have already completed their studies in the school, of interviews with important
guests that will take part to lectures during the courses, called ‘leadership series’ and other
ones with explanations about current topics, which are part of the series ‘#hottopic’. This
channel is also used to show the architecture and shape of the new campus in Milan and the
events that take place there. Contents are published daily and sometimes even more than
once in a day. On LinkedIn (38) the posts shared are mainly the ones already on Facebook,
the frequency is the same, and, in addition, among contents published, there are also pictures
with the goals of the programs offered and the type of person they target. Instagram (39) is
used to share again the contents already posted on the social media previously mentioned
and, moreover, highlighted stories show brief descriptions, by the director, of the masters
offered. Instagram is used less frequently, with a post every couple of days more or less. The
Instagram stories last 24 hours after they are published, but the owner of the Instagram page
can decide to sign them as highlighted and make them available to everyone all the time.
The YouTube channel (40) is used a few times a week to publish videos that share the
experience of current students, the reasons that pushed them to choose a program in SDA
Bocconi and their expectations for the future; these are generally quite short videos, of just
a couple of minutes. Moreover, there are much longer videos, of the duration of about one
hour, which are taken during webinar or conferences that took place virtually during the
Covid-19 pandemic or, previously, at the campus.

Other contents that can be found on YouTube are short videos that have the aim to present
the programs offered, describing what will the focus be and the expected learning outcomes
of the courses, and the ‘hottopic’ series of videos, mentioned before. Some of these contents
are the same that can be found also on the other social media pages of the school.

3.2 MIP

MIP is the school of management of the Polytechnic of Milan and it offers MBAs,
specialized masters, executive and corporate education. It has its own social network
profiles, separated from the ones of the Polytechnic. On Facebook (41) contents are
published more than once a day and they are mostly related to the masters offered by the
university and to the events organized for the promotion of these programs of education. To
promote them, photos taken from the lectures or with information about the program are
posted, or, instead, articles from the Knowledge section of the website of the Polytechnic of
Milan are shared. In this section many arguments are treated, from entrepreneurship,
innovation, economics to reading suggestions and travel tips.

Every Monday there is a post with a quote of famous people, as a Monday motivation for
the followers of the page.

Among the Facebook videos, some of them are dedicated to culture, they are called ‘MIP
Open Culture’ and share information about museums, historic palaces and pieces of art,
while the majority of the remaining videos are mainly promotional, in which it is shown in
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the details what the masters offer and how they are organized, if they are online or in a
classroom, their goals and expected learning outcomes of the students.

The posts that are shared on LinkedIn (42) are exactly the same that can be found on
Facebook, so also here there are daily updates which are mainly connected to the programs
and masters offered. On Instagram (43) contents are published less often than on the other
two channels (Facebook and LinkedIn), but the photos that are shared are the same that can
be found on the other social medias. The highlighted stories are used to show some moments
taken from classes and lectures or from some events, like graduation ceremonies.

Some of the videos that are published on Facebook can be found also on the YouTube
channel (44), like the ‘MIP Open Culture videos’ and the promotional ones. In addition, all
the webinar and conferences that took place are published on YouTube; many of them have,
as guest speakers, CEOs of important companies and talk about firms and their management.
During the Covid-19 pandemic some of the webinar that took place had the aim to give
advices to students on how to deal with current situation and to schools on how to exploit
the circumstances to innovate.

3.3 Luiss Business School
As SDA Bocconi and MIP, also Luiss Business School is a section of a university that is
dedicated to masters, MBAs and executive programs, and it has its own social media pages.
On Facebook (45) contents are shared every day. The posts are related to the events
organized by the University, with photos and videos, and to the success of some of the
graduated students that attended their studies there. Moreover, there are also pictures of the
beautiful spots around the campus, which are reshared from the Instagram account. The page
is used also to share many links of articles from the news section of the university webpage,
many of which in collaboration with ‘il Sole 24 ore’, a famous Italian daily newspaper.
On this platform there are also many videos in which professors explain why they have
chosen to teach there, what are the strengths of the University, and it is also a way to present
professors to students. Among the videos there is also a series called “Leader 4 Talent”, in
which famous CEOs and managers talk about their personal experience and share some
advices.
On LinkedIn (46) the contents are mainly the same ones that can be found on Facebook,
while on Instagram (47) the posts have the main goal to share the students’ experience, so in
the highlighted stories we can find past events, like graduation ceremonies and guest
speakers that participated to some lectures.
The YouTube page (48) is not used as much as the other channels; contents are published
weekly and they include the series ‘Leader 4 Talent’ mentioned before and some videos for
the promotion of the programs offered.

3.4 Cuoa Business School
As the universities previously analyzed, Cuoa Business School offers MBAs, masters and
executive programs. On Facebook (49) it shares posts less frequently than the other school,
only a few times a week and not every day; it shares many links to articles published on the
school website, in a section called Cuoa Space mentioned at the beginning of chapter 0. The
videos published are about current topics in the economics and firm management field but
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also about advices for young students on how to build their carrier, the path they should
follow and what the best master for them could be. Moreover, there are some videos about
the stories of some entrepreneurs who have completed a master in Cuoa, who share how
their career has changed thanks to it.

Most of the posts that can be found on LinkedIn (50) are already present on the Facebook
social page. The Instagram page (51) is the least used, contents are published only a few
times every month, but they are exclusively shared there. Some of the Instagram photos are
taken during graduation ceremonies, which are shown also in the highlighted stories, or
during lectures and conferences to share the students experience, while other ones show the
campus and its details.

YouTube (52) is used weekly and many of the contents that can be found here are already
published on Facebook and LinkedIn, but, in addition, there are some short videos with the
news of the school, about the future of the students and so on.

3.5 Specializing Master’s Programmes and Lifelong Learning School of
Polytechnic of Turin

The Polytechnic of Turin has a specific section dedicated to the promotion and organization
of 1%t and 2" level Specializing Master’s Programmes and Lifelong Learning courses. As
previously mentioned, it has only a Facebook page (53) in which posts are published twice
a week more or less. Contents are mostly related to the promotion of the programs offered,
with information about how to subscribe and what will be the arguments treated during the
course.

The videos that are present on the social page share the experience of former students of the
master, how they found out about it and what is their personal feedback about it or videos in
which professors talk about the masters that the school offers, with the goals, expected
learning outcomes and future opportunities that they can open to the students.

3.6 Followers comparison
In paragraph 2.3.1 the metrics that can be used to analyze social media are listed; in
particular, to have a measure of brand awareness, the number of followers or fans of the
pages can be used. In the following table (Table 3-3) the number of fans of the social media
pages of the Schools of Masters taken into consideration are summarized in order to have an
idea of the brand awareness of each social network profile.

To have a clearer view of the numbers, a graph is displayed in Figure 3-1: Social media
pages followers. As it can be seen from both Table 3-3 and Figure 3-1Figure 3-1: Social
media pages followers the social network with the highest amount of followers, for all the
schools considered, is LinkedIn, followed by Facebook, which has the second-highest
number of fans. In the following chapter, concerning the analysis, the social media that are
considered are LinkedIn, Facebook and Instagram; the choice has been made by looking at
both the number of followers and number of posts shared.
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4. Objective and method of the analysis

4.1 Objective

The following analysis is carried out in order to comprehend how Business Schools use
social media, in particular which social networks, how often and the contents that they
publish, in order to apply to the Specializing Master’s Programmes and Lifelong Learning
School of Polytechnic of Turin the tools that result significant and efficient. The objective is
to understand, starting from real data, what are the elements that positively or negatively
influence the engagement, brand awareness and word of mouth of a post of a school of
masters on social media.

4.2 Method

4.2.1 Data collection
The analysis is carried out on the data concerning the social media posts of SDA Bocconi
School of Management, MIP, Luiss Business School and Cuoa Business School. For each
school the time frame considered was three months, from the 1% of February 2020 to the 30™
of April 2020 and the social media considered were Facebook, Instagram and LinkedIn, as
they are the most used by universities.
To collect data a software called ScrapeStorm was used. It allows the automatic collection
of data that you are interested in from website pages; it collects them locally on the software,
with the possibility of export them into excel files; the free version allows to export only 100
rows per day, so the collection of data took some days.
The data collected concerning each post were:

e Date in which the post was published;

e The link of the post;

e Post description;

e Number of likes;

e Number of comments;

e Number of views in case of videos;

e Number of reshares on Facebook, since it is the only social media that allows the
user to see this kind of data;

e Information concerning the external links reshared on social media;

e Hashtags.

Once the data were collected for a school, it was computed the number of hashtags for each
post, the length in characters of each posts, the weekly number of posts for each school on
each of the social media considered and, in addition, the posts where compared to see which
ones had been published on more than one social media page of the School. An example of
the data collected is shown in Figure 4-1. The full database can be found in Attachment I.
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Neekly posts Date Post-link  Image-Link Post-description Likes Comments Reshares Video views Hashtag 1 Hashtag 2 Hashtag 3 Number of hashtags External link website External link title post lenght Linkedln Instagram

29 aprile https://ww https://static Responsabilita, fic 21 3 B 642 webinar LuissBusiness Morelli 4 312 Yes Yes

29 aprile https://ww https://scont Come il 28 0 2 Risorseumane Covid19 EmployeeDigital Experience 5 950 Yes No

28 aprile https://ww https://exteri Managing a busine 8 0 2 Energy 1 businessschool.luiss.il Global Energy Manag: 421 Yes No

8 28 aprile https://ww https://exter Come I'emergenza 12 4 5 webinar LuissBusiness 2 businessschool.luiss.itWebinar Series con M 158 Yes No
27 aprile https://ww https://static La scelta pit corag 26 0 3 919 ImpresaFamiliare governance webinar 4 328 Yes No

27 aprile https://ww https://exter Le #lmpreseFamili 14 0 2 ImpreseFamiliari  coronavirus webinar 6 businessschool.luiss.il Luiss Business School 309 Yes No

25 aprile https://ww https://exter Oggi #25aprile alle 9 0 3 25aprile webinar Pappano 5 ansa.it 25 aprile: Luiss e 8. Ce 366 Yes No

25 aprile https://ww https://scont Goodbye to #Luiss 2 0 0 LuissBusiness BuddyProgramme aperitivo 4 511 Yes yes

24 aprile https://ww https://scont Il progetto #Conla 18 1 2 #Conlascuola #LuissBusiness  #webinar 7 285 Yes yes

24 aprile https://ww https://scont La presentazione ¢ 22 0 1 RealEstate Finance Master 6 310 Yes No

23 aprile https://ww https://exter Oggi su #DigitEcor 5 0 0 DigitEconomy24  5g LuissBusiness 3 businessschool.luiss.il «Inwit & una tower co 242 Yes No

7 23 aprile https://ww https://scont «Fondamentale sv 12 0 1 webinar LuissBusiness DigitEconomy24 3 ilsole24ore.com de Vecchi (Citi): «Fonc 245 Yes No
21 aprile https://ww https://exteri Come le trasforma 16 3 4 webinar LuissBusiness 2 businessschool.luiss.il Webinar con Luigi de 334 Yes yes

20 Aprile. https://www.facebook.cc Un #webinar con ¢ 27 5 5 webinar Covid19 2 businessschool.luiss.il L'intelligence econom 465 Yes No

18 aprile https://ww hitps://exteri L'etd media dei CE 28 4 2 LuissBusiness 1 corriere.it Gli a.d. delle societa « 236 Yes No

16 aprile https://ww https://exteriDNA, Codes and B 12 0 2 InternationalManagement 1 businessschool.luiss.itStrategies for Luxury 157 Yes No

3 15 aprile https://ww https://static Innovare in modo { 28 1 6 1235 disruptive leadership startup 4 385 Yes Yes
14 aprile https://ww https://scont 10 4 0 0 Open Lesson Flex Exe 0 Yes No

10 aprile https://ww https://exten E il momento per | 23 0 4 LuissBusiness 1 businessschool.luiss.it Webinar con Marco 5¢ 187 Yes No

9 aprile a https://ww https://scont Nonostante I"epide 10 0 1 tle DigitEconomy24 2 businessschool.luiss.it Cellnex: «Puntiamo a 257 Yes No

9 aprile a https://ww https://exteri L'#app per il tracci 9 0 1 app telco DigitEconomy24 3 businessschool.luiss.it «Operatori telco incer 252 Yes No

9 aprile a https://ww https://scont App per tracciame 84 12 9 DigitEconomy24 1 businessschool.luiss.it App per tracciamento 221 Yes No

9 aprile a https://ww https://scont «L"azione del Gove 21 0 2 digitalizzazione  Italiasmart DigitEconomy24 3 businessschool.luiss.it «L'azione del Governc 263 Yes No

2 9 aprile a https://ww https://scont Con 'emergenza # 153 0 26 Covid_19 SmartWorking Italiasmart 4 businessschool.luiss.it Smart working e innov 356 Yes Yes
8 aprile a https://ww https://scont Prendera il via il 11 16 0 8 VenetoDelleDolon LuissBusiness virus 6 businessschool.luiss.itAl via i corsi dell'Hub 567 Yes No

7 aprile a https://ww https://exteri Lo studente di mot 16 0 0 LuissBusiness 1 video.repubblica.it  Coronavirus, lo studer 317 Yes No

7 aprile a https://ww https://scont 8 0 0 0 Webinar Series con M 0 No No

6 aprile  https://ww https://exter Un ampio bagaglic 5 0 1 MBA 7aprile LuissBusiness 3 businessschool.luiss.itFull-time MBA Wehin: 251 Yes No

6 aprile  https://ww https://scont Stiamo assistendo 29 0 9 CignoNero globalizzazione  LuissBusiness 3 326 Yes No

4 aprile  https://ww https://exter Come il #digitale 9 0 2 digitale marketing 2 businessschool.luiss.it Wehinar con Maximo 165 Yes Yes

3 aprile  https://ww https://scont 3 0 0 0 Full-time MBA Webin: 0 No No

3 aprile  https://ww https://static Oggi abbiamo bisc 14 0 5 506 responsabilita governance LuissBusiness 4 408 Yes No

2 aprile  https://ww https://scont #LuissBusiness do 19 0 2 LuissBusiness DoubleDegree Austria 6 531 Yes No

1 aprile  https://ww https://scont 9 2 0 0 Algoritmi, Intelligenza 0VYes No

9 1 aprile  https://ww https://scont Oggi alle 15:00 si- 18 4 4 ItaliaSmart LuissBusiness Innovazione 4 businessschool.luiss.ii CDP, Luiss Business § 403 Yes No
31 marzo https://ww https://scont Il 3 aprile partecip 4 0 1 MBA DidatticaDigitale 2 businessschool.luiss.itPart-time MBA Online 283 yes No

31 marzo https://ww https://scont Per gli studenti de 22 0 1 LuissBusiness ProjectWork Distancelearning 3 182 Yes No

28 marzo https://ww https://scont 11 1 0 0 Webinar con Stefano | 0 No No

28 marzo https://ww https://scont Come gestire le cr 14 0 3 0 businessschool.luiss.it Webinar con Stefano | 202 Yes Yes

27 marzo https://ww https://exter "Sulle reti faremo | 38 0 1 DigitEconomy24  LuissBusiness 2 businessschool.luiss.itNel 2020 continuerem 184 Yes No

27 marzo https://ww https://scont Col coronavirus bo 20 0 2 0 businessschool.luiss.it Coronavirus: boom de 214 Yes No

27 marzo https://ww https://scont Alleggerire pressic ~ 357 13 57 DigitEconomy24  LuissBusiness 2 businessschool.luiss.il Alleggerire pressione 423 Yes No

8 26 marzo https://ww https://static Organizzazioni sen 20 0 3 572 leadership MBA Milano 3 324 Yes yes
25 marzo https://ww https://exteriL'emergenza #corc 40 0 16 coronavirus competenze LuissBusiness 3 youtube.com "A casa con" il prof. P 279 Yes No

25 marzo https://ww https://static Come guidare le a 47 1 13 12653 LuissBusiness 1 153 Yes No

21 marzo https://ww https://scont 6 0 0 0 Webinar Series con M 0 No No

12 1 9 webinar LuissBusiness 2 businessschool.luiss.it Webinar Series con M 250 Yes Yes

21 marzo https://ww https://exteri Come si trasforma

Example of data collected

Figure 4-1
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At the end of the collection, for each Business School and for each social media, it was
computed the average number of likes, of comments, of video views, of reshares (only for
Facebook) and the average number of weekly posts, in order to be able to compare the
metrics among schools and also among social media. The metrics that were chosen for the
analysis were taken from Figure 2-3, in which for each social media goal a list of metrics
that can be used to measure that specific objective are listed. The metrics chosen are the
following:

e Number of likes, as a measure of brand engagement;

e Number of comments, as a measure of brand engagement;

e Number of video views, as a measure of the word of mouth;

e Number of reshare (for Facebook only), as a measure of the word of mouth.

These metrics were chosen because they are the most common way to compare posts on
social media and they allowed the creation of graphs used for the comparisons.

In the following figures the posts of the universities have been compared on Facebook,
Instagram and LinkedIn, by looking at average number of likes, of comments, of reshare
(only on Facebook) and of weekly posts; The average number of video views is shown in
another graph as the values of this metric were too high compared to the other metrics. In
Figure 4-2 it can be seen that, on Facebook, Luiss Business School has the highest average
number of likes, of comments and of reshares, while MIP the highest number of weekly
posts.

In Figure 4-3 the comparison is made among the posts on Instagram; SDA Bocconi has the
highest number of likes and number of comments, while MIP is the one that publishes more
posts each week.

In Figure 4-4 LinkedIn posts are compared; SDA Bocconi has the highest number of likes
and Cuoa Business School the highest value of comments, while MIP has the highest number
of weekly posts.

So, in general, MIP is the business school that publishes the highest amount of posts each
week on all the social media considered, Luiss has the highest engagement and word of
mouth on Facebook, while SDA Bocconi has the highest engagement on LinkedIn and
Instagram.
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Figure 4-2: Comparison of Facebook posts.
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Figure 4-3: Comparison of Instagram posts.



LinkedIn Posts
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Figure 4-4: Comparison of LinkedIn posts.

In Figure 4-5: Comparison of video views. the average number of video views of the
different schools is compared on Facebook, Instagram and LinkedIn. Luiss Business school
has the highest value on LinkedIn and on Facebook, while on Instagram the highest value is
related to the social page of SDA Bocconi.
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Figure 4-5: Comparison of video views.

The following figures compare the metrics computed for a school among the different social
media, in particular in Figure 4-6 Luiss Business School is considered, in Figure 4-7 SDA
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Bocconi, in Figure 4-8 MIP and in Figure 4-9 Cuoa Business School. In all the graphs, the
social media with the highest average number of likes is Instagram and the social page with
the highest amount of posts per week is LinkedIn; there is a difference however in the
number of comments: for Luiss Business School Facebook posts receive the highest number
of comments, for SDA Bocconi the highest value is found on Instagram while for both MIP
and Cuoa Business School on LinkedIn.

Luiss Business School
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Figure 4-6: Comparison among the social media pages of Luiss Business School
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Figure 4-7: Comparison among the social media pages of SDA Bocconi
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Figure 4-8: Comparison among the social media pages of MIP
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Figure 4-9: Comparison among the social media pages of Cuoa Business School

4.2.2 Database creation

The following step was the creation of a database on excel with all the data collected from
the social media posts of the different Business School; a total of 1407 posts was collected.
An extract of the database i1s given in Figure 4-10, while the entire database can be found in
Attachment II; the information are represented using binary values, in which ‘1’ indicates
the belonging of the post to the variable and ‘0’ means that the post does not belong to it.
The variables used contain information about posts, in particular, in addition to all the data
previously collected, the following characteristics were specified:
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e The Business school which published the post, so whether the post was collected on
the social pages of Luiss Business School, MIP, SDA Bocconi or Cuoa Business

School;

e The social media on which the post was published (Facebook, Instagram or
LinkedIn);

e The language, whether the post was written in Italian, in English or in both
languages;

e The type of post; posts have been divided into videos, photos, written posts, events,
reshares of links from the school website and reshares of other links or posts;
e  Whether the post was reshared also on other social media or not.

Concerning the type of post, Instagram allows only the share of photos and videos, while
Facebook and LinkedIn have also the possibility to share a written text, with no photos or
videos, and to create events, in which there is a description and information about when and
where it will take place, with the opportunity for users to let the event creator know that they
will participate; moreover on Facebook and LinkedIn you can also publish external links or
reshare the posts created by other users.

In addition to what can be seen in Figure 4-10, there is also a variable for the week in which
the post was published. Weeks go from 1 to 13, where week 1 refers to the first week
considered for the collection of the posts, which goes from 1% February to 7 February; week
13 is the last week considered for the data collection and it is the last week of April, form
the 25™ to the 30",

Within the database, posts were divided into categories, as it can be seen in Figure 4-11,
each post was assigned to one or more categories, according to its content; as for other
variables binary values were used. The categories were taken from ‘A framework for
categorizing social media posts’ by Tafesse, Wondwesen & Wien, Anders (54); a summary
of the categories and their definition is given in Table 4-1.
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25

Business School Social media Post Data Language Type of post Post Reshared on
Luiss [Mip [SDA Bocconi[Cuoa  |Facebook]Instagram JLinkedin — [Post-link [image-Link [Post-description [Likes [Comments [Reshares [Video views [Number of hashtags [Post length [Eng ta Video [Photo  [Written post [Event [school websit]External link/rFacebook]Linkedin [Instagram
1 0 0 0| 1 0 0|https://wy https://statit Responsabilita, 21 3 8 642 4 312 0 1] 1 0 0 0 0 0 0 1 1
1 0 0 0| 1 0 0|https://wy https://scont Come il managem: 28 0 2 5 950 0 1] 0 1 0 0 0 0 0 1 0
1 0 0 0 1 0 0|https://wy https://exterManaging abusine 8 0 2 1 421] 1 0 0 0 0 0 1 0 0 1 0
1 0 0 0| 1 0 0|https://wy https://exterCome emergenze 12 4 5 2 158 0 1] 0 0 0 0 1 0 0 1 0
1 0 0 0 1 0 0|https://wy https://staticLa scelta pit coragy 26 0 3 919 4 328 0 1 1 0 0 0 0 0 0 1 0
1 0 0 0| 1 0 0|https://wy https://exterLe #impreseFamili 14 0 2 6 309 0 1] 0 0 0 0 1 0 0 1 0
1 0 0 0| 1 0 0|https://wy https://extar Oggi #25aprile alle 9 0 3 5 366 0 1] 0 0 0 0 0 1 0 1 0
1 0 0 0| 1 0 0|https://wn https://sconi Goodbye to #Luiss 2 0 0 4 511 1 0| 0 1 0 0 0 0 0 1 1
1 0 0 0 0 0 1|https:/fwww.linkedin.c Responsabilita, a4 1 1347 3 308 0 1 1 0 0 0 0 0 1 0 1
1 0 0 0] 0 0 1|https://wwu.linkedin.cCome il managem: 86 2 5 952 0 1] 0 1 0 0 0 0 1 0 0
1 0 0 0] 0 0 1|https://www.linkedin.c Managing abusine 11 0 1 409 1 0] 0 0 0 0 1 0 1 0 0
1 0 0 0 0 0 1|https://www.linkedin.cCome 'emergenze 27 0 2 158 0 1 0 0 0 0 1 0 1 0 1
1 0 0 0| 0 0 1|https:/fww.linkedin.cLa scelta pii coragy 35 0 1714 4 328] 0 1 1 0 0 0 0 0 1 0 0
1 0 0 0| 0 0 1|https://www.linkedin.c Quale #Performan 29 0 4 436 0 1] 0 1 0 0 0 0 0 0 0
1 0 0 0] 0 0 1|https:/www.linkedin.c Oggi #25aprile alle 28 0 5 377 0 1] 0 0 0 0 0 1 1 0 0
1 0 0 0 0 0 1 sq_um__\__\_sss_ inkedin.c Goodbye to #luiss 23 0 5 571 1 0 0 1 0 0 0 0 1 0 1
1 0 0 0| 0 1 0|https://wy https://scont Webinar Seriascor 24 0 3 4 359 0 1] 1 0 0 0 0 0 1 1 0
1 0 0 0| 0 1 0|https://wy https://sconiOggialle 18.30un1 42 0 6 497, 0 1] 0 1 0 0 0 0 1 1 0
1 0 0 0| 0 1 0|https://wn https://sconi Goodbye to #luiss 95 4 5 510) 1 0| 0 1 0 0 0 0 1 1 0
1 0 0 0 1 0 0|https://wy https://sconi Il progetto #Conta 18 1 2 7 285 0 1 0 1 0 0 0 0 0 1 1
1 0 0 0| 1 0 0|https://wy https://sconiLa presentazionec 22 0 1 [ 310 0 1] 0 1 0 0 0 0 0 1 0
1 0 0 0| 1 0 0|https://wy https://exter Oggi su #DigitEcon 5 0 0 3 2 0 1] 0 0 0 0 1 0 0 1 0
1 0 0 0| 1 0 0|https://wy https://scont «Fondamentale sy~ 12 0 1 3 245 0 1] 0 0 0 0 ] 1 0 1 0
1 0 0 0| 1 0 0|https://wy https://exteiCome le trasforma 16 3 4 2 334] 0 1] 0 0 0 0 1 0 0 1 1
1 0 0 0 1 0 0|https://www.facebook. Un #webinarcon ¢~ 27 5 5 2 465 0 1 0 0 0 0 1 0 0 1 0
1 0 0 0] 1 0 0|https://w hitps://extell'sta mediadei CE 28 4 2 1 236 0 1] 0 0 0 0 0 1 0 1 0
1 0 0 0] 0 0 1|https://wwu.linkedin.cll progetto #Conla 31 0 7 298 0 1] 0 1 0 0 0 0 1 0 1
1 0 0 0| 0 0 1|https:/fwwu.linkedin.cLe #lmpreseFamili 10 0 6 300| 0 1 0 0 0 0 1 0 1 0 0
1 0 0 0 0 0 1|https://www.linkedin.cLa presentazionec 29 0 6 2 0 1 0 1 0 0 0 0 1 0 0
1 0 0 0] 0 0 1|https://www.linkedin.c Oggi su #Digittcon 15 0 3 249 0 1] 0 0 0 0 1 0 1 0 0
1 0 0 0| 0 0 1|https://www.linkedin.c «Fondamentale sy~ 48 0 3 244 0 1] 0 0 0 0 0 1 1 0 0
1 0 0 i) 0 0 1|https:/fwww.linkedin.c"Una cosa fara lad 15 0 2 254 0 1] 0 0 0 0 0 1 0 0 0
1 0 0 0 0 0 1|https://www.linkedin.cUn #webinarcon ¢~ 41 0 1 476 0 1 0 0 0 0 1 0 1 0 0
1 0 0 0 0 0 1|https://www.linkedin.cL'eta media dei CE 52 0 1 236 0 1 0 0 0 0 1} 1 1 0 0
1 0 0 0 0 1 0|https://wn https://scont ll progetto #Conla 49 0 7 280 0 1 0 1 0 0 0 0 1 1 0
1 0 0 0| 0 1 0|https://wn https://sconi Come le trasforma 35 0 6 343 0 1] 0 1 0 0 0 0| 1 1 0|

Database of social media posts

Figure 4-10



Post Category
Emotional |Functional |Educational |Brand resor{Experiential Current E\|Personal Employee 1Brand corﬂCustomer|Cause-re|Sales promotion
0 0 1 0 1 0 0 0 0 0 0 0
0 0 1 0 1 0 0 0 0 0 0 0
0 0 0 0 1 0 0 0 0 0 0 1
0 0 1 0 1 0 0 0 0 0 0 0
0 0 1 0 1 0 0 0 0 0 0 0
0 0 1 0 1 0 0 0 0 0 0 0
0 0 1 0 1 0 0 0 0 0 0 0
0 0 0 0 1 0 0 0 1 0 0 0
0 0 1 0 1 0 0 0 0 0 0 0
0 0 1 0 1 0 0 0 0 0 0 0
0 0 0 0 1 0 0 0 0 0 0 1
0 0 1 0 1 0 0 0 0 0 0 0
0 0 1 0 1 0 0 0 0 0 0 0
0 1 0 0 0 0 0 0 0 1 0 0
0 0 1 0 1 0 0 0 0 0 0 0
0 0 0 0 1 0 0 0 1 0 0 0
Figure 4-11: Post categories
. Applications related
Categor, Definition Common themes
gory to Master schools
These brand posts evoke .
, P VoK Motivational  quotes,
consumers' emotions. To this
end, the posts typically employ WP Qe i
. " Emotion laden language, famous people
Emotional emotion-laden language, - .
S . emotional storytelling, (managers,
brand posts inspiring stories or humor and .
. . humor and trivia entrepreneurs,
jokes to arouse affective . . .
scientists, visionaries,
responses, such as fun, sie)
excitement and wonder. o
These brand posts highlight .
ne p 1ehie Benefits and  job
the functional attributes of .
company products and opportunities  students
h . Product specifications and = will have by following
services. Typically, these posts . P
. technical features; benefits the master; highlighting
Functional promote the benefits of .
brand posts company products and from company perspective, of the network the
. . attributes and benefits by school offers.;
services according to . .
. external reviewers characteristics of the
performance, quality, ) .
affordability, design and style master; _characteristics
o ’ of the school.
criteria.
e.g. Articles about smart
These brand posts educate and working/online
inform  consumers. These teaching; articles on
posts help consumers acquire Hands on/everyday = management or the state
Educational new skills on proper ways of application, topics not of the economy. Not

brand posts

Brand

resonance
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applying products or discover
new information about broader

industry trends and
developments.
These brand posts direct

attention to the brand promise
and identity of the focal brand.
These posts highlight some of
the main tropes of brand
identity, such as brand image,
brand personality, brand
association and  branded

immediately connected with
company

Brand image, photos of
branded products, posts
with celebrities or
influencers, celebrate brand
heritage.

necessarily they are
original research
content, coming from
the faculty of the
School.

History of the school
and its importance;
school rankings; school
research results and
outcome; pictures of the
campus.




Experiential
brand posts

Current event

Personal
brand posts

Employee
brand posts

Brand
community

Customer
relationship

products with the goal of
differentiating the brand and
favorably influencing
consumers' brand attitude and
association.

These brand posts evoke
consumers'  sensory  and
behavioral responses.
Experiential brand  posts
highlight the sensory and
embodied qualities of the
brand and often associate the
brand with pleasurable
consumer experiences.

These brand posts comment on
themes that capture active
talking points in the target

audience, such as cultural
events, holidays,
anniversaries, and the

weather/season. These brand
posts initiate conversations
with consumers using timely
and widely talked about events
These brand posts center
around consumers' personal
relationships, preferences
and/or experiences. These
brand posts typically invoke
personally meaningful themes,
such as family, friendship,
personal anecdotes or future
plans to initiate deeply
personal conversations with
consumers.

These are brand posts about
employees. Employee brand
posts  present employees'
perspective on a range of
issues, such as employees'
technical  expertise, their
managerial philosophies, or
their ~ personal interests,
hobbies and worldviews.
These brand posts promote and
reinforce the brand's online
community. These brand posts
foster a sense of community
identification and engagement

with the community, by
recruiting new community
members, as well as
encouraging participation

from existing members.

These brand posts solicit
information and feedback
about  customers' needs,

expectations and experiences.
These brand posts seek to

Sensory brand
attention  to
actions, brand events.

Cultural events,

Consumers'
relationships,
anecdotes and preferences

Employees' opinion on
technology/processes,

corporate issues,
employees' personal

interests/hobby/personal
story,

Recruiting new members in
enhance

the community,
community participation.

Customer
customer
customer feedbacks.

cues,
embodied

popular
holidays, weather or season

personal
consumers'

services,
testimonials,

Online or physical
events and activities
that took place
(seminars, conferences,
companies visit,
webinar).

Cultural events, popular
holidays, weather or
season.

Personal life of students
at the school and
outside.

Professional success of
professors, e.g. awards
received.

Events to make alumni
know each other.

Share  of
feedbacks.

students'
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deepen the impact of customer
relationships in social media
channels by encouraging
customer feedback, reviews
and testimonies.
These brand posts highlight
socially responsive programs
supported by the focal brand.
Cause-related  These brand posts promote
brand post worthy social causes and
initiatives and  encourage
customers and fans to support
them.
These are brand posts that
entice consumers to take
actions toward a buying
decision. These brand posts
Sales often contain transactional
promotion details such as price and
availability points, as well as
concrete promotional offers,
such as price discounts,
coupons and competitions.

Table 4-1: Post categories

Links for donations to
Support to social causes. hospitals for the Covid-
19 emergency.

Links to business school
Links to landing sites where = website, where you can
consumers can  Make get additional info or
purchases. apply for a given master

program or course.

4.2.3 Descriptive statistics
After having collected all the data regarding social media posts and having categorized them,
descriptive statistics were used to see if there were differences in the contents published by
Business Schools and to verify whether categories were more used on a social media with
respect to the others or not.

Descriptive statistics are summary statistics, which are used to summarize in a quantitative
way features from a collection of information; in this case they were used to measure the
frequency of presence of each category of post on the different social media considered and
in relation to each Business School included in the analysis. To obtain these measures, the
software SPSS was used; after uploading the database on the software, in the section
‘Analyze’ under ‘Descriptive statistics’ the tool ‘frequencies’ was used to obtain the
following. In Table 4-2 the SPSS output for the frequencies of the post categories according
to the social media is shown.

Case processing summary

Cases
Valid Missing Total
N Percentage N Percentage N Percentage
Facebook * Emotional 24 1,7% 1383 98,3% 1407 100,0%
Facebook * Functional 234 16,6% 1173 83,4% 1407 100,0%
Facebook * Educational 190 13,5% 1217 86,5% 1407 100,0%
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Facebook * Brand resonance
Facebook * Experiential

Facebook * Current event

Facebook * Personal brand
post

Facebook * Employee brand
post

Facebook * Brand
community

Facebook * Customer
relationship

Facebook * Cause-related
Facebook * Sales promotion
Instagram * Emotional
Instagram * Functional
Instagram * Educational
Instagram * Brand resonance
Instagram * Experiential

Instagram * Current event

Instagram * Personal brand
post

Instagram * Employee brand
post

Instagram * Brand
community

Instagram * Customer
relationship

Instagram * Cause-related
Instagram * Sales promotion
LinkedIn * Emotional

LinkedIn * Functional

73

194

21

75

17

161

84

31

35

43

13

45

25

26

258

5,.2%

13,8%

0,1%

0,6%

1,5%

0,4%

5,3%

1,2%

11,4%

1,4%

6,0%

2,2%

2,5%

3,1%

0,2%

0,6%

0,9%

0,1%

3.2%

0,4%

1,8%

1,8%

18,3%

1334

1213

1405

1398

1386

1402

1332

1390

1246

1388

1323

1376

1372

1364

1404

1399

1394

1405

1362

1402

1382

1381

1149

94,8%

86,2%

99,9%

99,4%

98,5%

99,6%

94,7%

98,8%

88,6%

98,6%

94,0%

97,8%

97,5%

96,9%

99,8%

99,4%

99,1%

99,9%

96,8%

99,6%

98,2%

98,2%

81,7%

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%
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LinkedIn * Educational 205 14,6% 1202 85,4% 1407 100,0%

LinkedIn * Brand resonance 70 5,0% 1337 95,0% 1407 100,0%

LinkedIn * Experiential 198 14,1% 1209 85,9% 1407 100,0%

LinkedIn * Current event 2 0,1% 1405 99.9% 1407 100,0%
1 *

I;r;l;edln Personal brand 8 0.6% 1399 99.4% 1407 100,0%
1 *

L‘:sli(edln Employee brand 25 1,8% 1382 982% 1407 100,0%
] *

S:;k;(g;ty Brand 6 0.4% 1401 99.6% 1407 100.0%
1 *

felglt(ieo(g;lhipcummer 78 5.5% 1329 94.5% 1407 100,0%

LinkedIn * Cause-related 17 1,2% 1390 98.8% 1407 100,0%

LinkedIn * Sales promotion 181 12,9% 1226 87,1% 1407 100,0%

Table 4-2: Frequency of presence of post categories on each social media.

To have a clearer view of the previous table, a graph is shown in Figure 4-12; as it can be
seen from the graph, the three most used categories are functional, experiential and
educational on Facebook and LinkedIn, while on Instagram they are functional, customer
relationship and experiential; so, there are some differences in the types of contents that are
published on Facebook or LinkedIn and Instagram. On Instagram in fact, the category
‘customer relationship’ is more used, in relative terms, than on the other two social media;
this means that the contents that are published here are more connected to the share of
feedbacks coming directly from students; this category of posts has the goal to give
information and feedbacks about customers’ needs as well as tell to the users the experience
of other customers.

Frequency of presence of post categories
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Figure 4-12: Frequency of presence of post categories on each social media.
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In Table 4-3 the SPSS output for the frequency of presence of post categories according to
the Business School is shown. In this case the frequency does not consider the social media
on which the post was published, but what matters is which of the Business Schools
considered has shared the post. These data can be useful to understand if master school share

different type of contents.

Luiss Business School*
Emotional

Luiss Business School *
Functional

Luiss Business School *
Educational

Luiss Business School *
Brand resonance

Luiss Business School *
Experiential

Luiss Business School *
Current event

Luiss Business School *
Personal brand post

Luiss Business School *
Employee brand post

Luiss Business School *
Brand community

Luiss Business School *
Customer relationship

Luiss Business School *
cause-related

Luiss Business School *
Sales promotion

MIP * Emotional

MIP * Functional

MIP * Educational
MIP * Brand resonance
MIP * Experiential

MIP * Current event

Case processing summary

N

73

126

103

30

35

42

279

139

92

246

Valid

Percentage

0,1%

5,2%

9,0%

0,6%

7,3%

0,4%

0,4%

0,2%

0,2%

2,1%

0%

2,5%

3,0%

19,8%

9,9%

6,5%

17,5%

0,1%

N

1406

1334

1281

1398

1304

1401

1402

1404

1404

1377

1407

1372

1365

1128

1268

1315

1161

1406

Cases
Missing
Percentage

99,9%

94,8%

91,0%

99,4%

92,7%

99,6%

99,6%

99,8%

99,8%

97,9%

100,0%

97,5%

97,0%

80,2%

90,1%

93,5%

82,5%

99,9%

N

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

Total

Percentage

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%
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MIP * Personal brand post

MIP * Employee brand post

MIP * Brand community

MIP * Customer relationship

MIP * Cause-related
MIP * Sales promotion
SDA Bocconi * Emotional

SDA Bocconi * Functional

SDA Bocconi * Educational

SDA Bocconi * Brand
resonance

SDA Bocconi * Current
event

SDA Bocconi * Experiential

SDA Bocconi * Personal
brand post

SDA Bocconi * Employee
brand post

SDA Bocconi * Brand
community

SDA Bocconi * Customer
relationship

SDA Bocconi * Cause-
related

SDA Bocconi * Sales
promotion

Cuoa Business School*
Emotional

Cuoa Business School *
Functional

Cuoa Business School *
Educational

Cuoa Business School *
Brand resonance

Cuoa Business School *
Experiential

32

14

45

103

22

139

186

97

68

63

11

56

168

18

38

64

23

1,0%

3.2%

0,3%

7,3%

1,6%

9,9%

0,6%

13,2%

6,9%

4,8%

0%

4,5%

0,4%

0,8%

0,4%

4,0%

0,6%

11,9%

1,3%

2,7%

4,5%

0,6%

1,6%

1393

1362

1403

1304

1385

1268

1399

1221

1310

1339

1407

1344

1401

1396

1401

1351

1399

1239

1389

1369

1343

1398

1384

99,0%

96,8%

99,7%

92,7%

98,4%

90,1%

99,4%

86,8%

93,1%

95.2%

100,0%

95,5%

99,6%

99,2%

99,6%

96,0%

99,4%

88,1%

98,7%

97,3%

95,5%

99,4%

98,4%

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

1407

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%

100,0%



Cuoa Business School *

current event 0 0% 1407 100,0% 1407 100,0%
g;rzzrilfsﬁil;fg Sg?to ol* 0 0% 1407 100,0% 1407 100,0%
f;g?ogzjiﬂfjﬁdsgggf t 0 0% 1407 100,0% 1407 100,0%
Eilzz]igf;rgs;f;hmﬂ * 0 0% 1407 100,0% 1407 100,0%
Sﬁgi)igilfgiszgﬁfg * 9 0.6% 1398 99.4% 1407 100,0%
8‘;3‘;‘3‘;15;?5 s School * 9 0.6% 1398 99.4% 1407 100,0%
Cuoa Business School * o 18% | 1382 . 100.0%

Sales promotion

Table 4-3: Frequency of presence of each post category according to Business Schools.

In Figure 4-13 the data displayed in the previous table are shown in the form of a graph in
order to be easier to read. For Luiss Business School and MIP the three most used categories
across all social media are:

e Functional
e Experiential
e Educational

While for SDA Bocconi and Cuoa Business School the three most used are:

e Functional
e Sales promotion
e Educational

Therefore, there are some differences in the contents published by Business Schools on
social media. All of them share posts that fall under the categories functional and
educational. The former is focused on the highlighting of the attributes of the products
offered by the firm, so, in the case of schools of master, this category of posts is used in
order to show the benefits that the masters offered by the School give to its students and all
the possible opportunities that can be opened to them after the course is over; in addition,
functional posts are used also to highlight the network of contacts of the school. The latter
category, educational, is used when Business Schools want to educate their followers on
different subjects, they mainly share articles about companies, economy, technology and,
during the Covid-19 pandemic, about smart-working.

The difference that was found in these data is that MIP and Luiss Business School publish
many experiential posts, while SDA Bocconi and Cuoa Business School are more focused
on sales promotion. Experiential posts are connected to activities and events organized by
the school; it is a way to share with the followers of the social page what the school organizes
and to show pictures and videos of the events, such as seminars, conferences and companies
visits by the students. Sales promotion posts instead are used to push followers towards the
school website in order to check how to subscribe to a master and what its requirements are;
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these posts in fact contain links to the website where you can get additional information or
directly apply for the course.
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Figure 4-13: Frequency of presence of each post category according to Business Schools.

4.2.4  Linear Regression model
The following step, after the creation and analysis of descriptive statistics, was the creation
of a linear regression model in order to verify if there is correlation among the data collected.
Linear regression in fact is used to model the relationship between a dependent variable and
one, or more, independent variables. Also in this case, the software used was SPSS, in
particular the tool ‘linear regression’ in the section ‘Analyze’.

The dependent variables that were used during this phase of the analysis are the metrics
previously listed, in particular:

e Number of likes

e Number of comments

e Number of reshares

e Number of video views.

For each dependent variable a linear regression model was created.

Before applying linear regression models to the variables, a set of assumptions was checked,
in order to be sure that the model could have been applied to the data and that the result was
consistent. The set of assumptions is summarized in

Table 4-4.
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Assumption

1

2

The dependent variable should be measured on a continuous scale (i.e., it
is either an interval or ratio variable).

Independent variables can be two or more, and they can be
either continuous (i.e., an interval or ratio variable) or categorical (i.e.,
an ordinal or nominal variable).

There should be independence of observations (i.e., independence of
residuals), which can be easily checked using the Durbin-Watson statistic.
There needs to be a linear relationship between (a) the dependent variable
and each of your independent variables, and (b) the dependent variable and
the independent variables collectively.

Data needs to show homoscedasticity, which is where the variances along
the line of best fit remain similar as you move along the line.

Data must not show multicollinearity, which occurs when you have two or
more independent variables that are highly correlated with each other. This
leads to problems with understanding which independent variable
contributes to the variance explained in the dependent variable, as well as
technical issues in calculating a multiple regression model.

There should be no significant outliers, high leverage points or highly
influential points. Outliers, leverage and influential points are different
terms used to represent observations in your data set that are in some way
unusual when you wish to perform a multiple regression analysis. These
different classifications of unusual points reflect the different impact they
have on the regression line. An observation can be classified as more than
one type of unusual point. However, all these points can have a very
negative effect on the regression equation that is used to predict the value
of the dependent variable based on the independent variables.

Finally, it must be checked that the residuals (errors) are approximately
normally distributed

Table 4-4: Summary of the linear regression model assumptions

4.2.4.1 Linear regression model 1
The first model was created for the dependent variable ‘likes’; the independent variables that
were used are the following:

Social media type (Facebook, LinkedIn, Instagram)

Language (Italian, English, English-Italian)

Type of post (photo, video, written post, event, share of a link from the school
website, share of a link from another website)

Number of hashtags

Post length

Post category (see Table 4-1)

The goal of this model was to see if the number of likes of a post was correlated with one,
or more than one, independent variables and to see if this correlation was positive or
negative.
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The variable likes, before using it into the model, was converted into a logarithmic scale.
This was done in order to have a variable with residuals closer to a normal distribution. In
Figure 4-14 the histogram and the probability-probability plot for the residuals of the
variable ‘likes’ are shown, while in

Figure 4-15 the same graphs are shown for the residuals of the variable likes on a logarithmic
scale. The variable ‘Log_likes’ has a histogram that is much more similar to the bell-shaped
curve of a normal distribution, and in the P-P plot the points are almost perfectly aligned to
the diagonal. So, the variable ‘Log likes’ was used in the model as its residuals have a
distribution which is a better approximation of a normal, so, the last assumption, regarding
normally distributed errors, is respected. This assumption is necessary in order to take the
result of the p-value, which will be analyzed later, as valid.

Istogramma Grafico di normalita P-P di regressione Residuo standardizzato
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Figure 4-14: Graphs for the variable ‘likes’
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Figure 4-15: Graph for the variable ‘Log_likes’

The first assumption for this model is respected; the dependent variable should be measured
on a continuous scale (i.e. interval or ratio variables) and the dependent variable likes used
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in this model in continuous, in particular it is a ratio variable, as the zero is absolute and
corresponds to the absence of likes and units are of equal magnitude.

The second assumption concerns independent variables, which should be measured on a
continuous scale or a categorical scale (i.e. ordinal or nominal variables). The independent
variables post length and number of hashtags are ratio variables, while all the remaining ones
are represented by binary values, so they are nominal variables.

The third assumption, independence of observations, can be checked by looking at the
Durbin-Watson statistic; the value of this statistic should be close to 2 and the value for the
model is 1.713, so the assumption is respected. Therefore, there is no correlation between
the residuals, so they can be considered independent.

To check assumption number four the graph displayed in Figure 4-16 was used. The goal is
to verify that points do not show a non-linear behavior. In this case, as it can be seen by
looking at the total fit curve, points follow a straight line, so there is linearity; this means
that the relationship between the dependent variable and the independent variables
collectively is linear, as requested. Linearity is a really crucial assumption in order to be able
to apply a linear regression model; if violated it creates problems and the model cannot be
considered reliable. The same graph was used also to verify assumption number five,
concerning homoskedasticity; the points do not show a pattern, either increasing or
decreasing, but they are positioned at a constant distance from the center line, thus the
assumption is respected. Homoscedasticity implies that the variability of each post in the
sample is the same, so the error is constant across all the values of the independent variables.
The opposite situation, defined as heteroskedasticity, happens when the error term differs
across values of an independent variable.

Studentized Residual

-2 =

Unstandardized Predicted Value

Figure 4-16: Scatter plot for model 1
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The sixth assumption can be checked by looking at the correlation values that were created
in the output of the model, specifically the ‘correlation’ table that can be found in Attachment
III. The correlation values in order to be acceptable must be below 0,7, and in the model all
the value respect the threshold. Another way to verify this assumption is to look at the values
summarized in Figure 4-17. Tolerance values should be above 0,1 and VIF values should
not be greater than 10. Tolerance is used as an indication of the percentage of the variance
of the variable which cannot be accounted for by other predictors; if this value is too low, it
means that the variable is redundant and thus unnecessary. VIF stands for variance inflation
factor, and it is the inverse of tolerance (1/tolerance). As it can be seen, the values of the
model respect the threshold, so there is no problem of multicollinearity; multicollinearity
could cause problems in the estimation of the coefficients of the regression model as it
implies that independent variables are highly correlated with one another and not only to the
dependent variable.

Statistiche di
collinearita
Modello Tolleranza VIF
12 (Costante)
Facebook 840 1,191
Instagram 5758 1,739
Hashtags B2T 1,596
Eng 860 1,041
Filmato B33 1,071
Written_post b74 1,027
School_website 862 1,160
External_link_reshare BE6 1,128
Functional 748 1,337
Brand_resonance 16 1,091
Employee_post 866 1,035
Sales_promaotion 09 1,411

4. Variabile dipendente: Log_like

Figure 4-17: Statistics of collinearity model 1

Assumption number seven can be verified by looking at the table in Figure 4-18; the points
with a standardized residual greater than 3, or smaller than -3, are considered outliers;
outliers in fact can be defined as points with large residuals, and so with a high difference
between the predicted and actual score. In this case there are some outliers, but they can
represent a problem only if they are many; the number of outliers is almost negligible
considering the total sample, they are only 9 out of 1407 observations. Moreover, their values
have been checked and they do not represent a mistake, so they were kept in the sample.
To check the presence of high leverage points, the leverage values were considered; no point
has a value over 0,2 so there are none. Leverage points have a value of the predictor which
significantly differs from the mean of the predictor.
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To check the presence of highly influential points, the values for the Cook’s distance were
analyzed; this statistic combines information of residuals and leverage. Since no values
above 1 were found, there are none. Influence points are observations with high leverage,
and which are extreme outliers; they are called influence as they can highly influence the
value of the final coefficients, if they are not included the final values can be drastically
different.

Diagnostiche per casi®

Mumero dicaso | Residuo std. Log_like Walaore atteso Residuo
2 3,135 6,84 41774 2,66311
8 4804 5,92 1,8377 408117
12 4,280 5,88 2,2445 3,63603
17 4 352 5,88 2,1833 369724
it 3,447 5,25 23187 292834
a7 3311 5,04 22241 281285
263 3,154 4249 1,6110 267947
344 -3,561 00 3,0256 -3,02556
818 -3537 Rili] 3,0052 -3,00516

a. Variabile dipendente: Log_like
Figure 4-18: Outliers of model 1

In the creation of the model on SPSS, the independent variable ‘LinkedIn’ was not included,
it was left outside in order to keep it as a baseline, to verify if the average number of likes
was higher or lower on Facebook and Instagram with respect to the average number of likes
that a post receives on LinkedIn.

Concerning the language, the independent variable ‘Italian’ was left outside the model, to
keep it as a baseline in order to see if the fact that a post is written in English or in both
English and Italian has an impact on the number of likes with respect to posts written in
Italian.

The resulting equation for the first model is the following:

Likes = By + f1Facebook + [,Instagram + B3;English + S,English. [talian
+ BsPhoto + B¢Video + B,Written post + BgLink school website
+ BoExternal link + BgHashtags + B4 Post length + [;, Emotional
+ BizFunctional + fy4Educational + ;5Brand resonance
+ BigExperiential + B1,Current event + (,gPersonal brand
+ 19 Employee brand post + [,oBrand community
+ B,1Customer relationship + [,,Cause.related
+ B,3 Sales promotion + n

Equation 1: Linear regression model 1
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4.2.4.2 Linear regression model 2
The second linear regression model has as dependent variable the number of comments that
a post receives. The independent variables used were the same of the first model,
specifically:

Social media type (Facebook, LinkedIn, Instagram)

Language (Italian, English, English-Italian)

Type of post (photo, video, written post, event, share of a link from the school
website, share of a link from another website)

Number of hashtags

Post length

Post category (see Table 4-1)

As for the variable ‘likes’ of the first linear regression model, also for the dependent variable
‘comments’ its transformation into a logarithmic scale has residuals with a distribution closer
to a normal. In Figure 4-19 the histogram and P-P plot for the residuals of the variable
‘comments’ are shown, while in Figure-20 the same graphs are shown for its logarithmic
transformation. Even though also the logarithmic variable does not perfectly resemble a
normal distribution, the points in the P-P plot are closer to the diagonal, so it is a better
approximation. In any case the linear regression analysis is fairly robust to non-normality.
Assumption number eight, concerning the normality of residuals is respected.
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Figure 4-19: Graphs for the variable ‘comments’



Istogramma Grafico di normalita P-P di regressione Residuo standardizzato
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Figure 4-20: Graphs for the variable ‘Log_comments’

The first and second assumption are respected; the dependent variable ‘comments’ is
measured on a continuous scale, as required, and the independent variables are measured on
a ratio scale, in case of hashtags and post length, and on a nominal scale all the remaining
ones, which have only two values.

The third assumption states that there should be independence of observations and it can be
checked by looking at the Durbin-Watson statistic, which for this model is 1,86, really close
to 2, so there is no correlation between residuals; observations can be considered
independent.

Figure 4-21 represents the scatter plot for the second linear regression model and it was used
to verify assumption number four and five. To be compliant with the former, the points
should exhibit a linear relationship, and it can be verified by looking at the total fit line,
which is almost straight; to respect the latter points do not have to show a pattern, either
increasing or decreasing, and, in this case, they are almost all at the same distance from the
middle line, so the assumption is respected. It can be said that between the dependent
variable and the independent variables collectively there is a linear relationship and that data
show homoskedasticity.

Moving on to the following assumptions, the correlation between independent variables has
to be checked. To verify this, the table ‘correlations’ that can be found in Attachment IV is
needed. All the correlation values are lower than 0,7 so all the values are fine; another way
to verify this is to look at the table in Figure 4-22. Tolerances values should be greater than
0,1 and VIF values lower than 10; all thresholds are respected so there is no problem of
multicollinearity.
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Figure 4-21: Scatter plot for model 2

Statistiche di
collinearita
Modello Tolleranza WIF
18 (Costante)
Facebook 997 1,003
Eng a73 1,027
External_link_reshare 967 1,034
Functional 758 1,219
Brand_resonance 847 1,056
Sales_promotion 62 1,312

Figure 4-22: Statistics of multicollinearity model 2

The outliers of the model can be seen in Figure 4-23. As for the first model, they have been
checked and they are not the result of mistakes, so they have been kept in the model and,
since they are only a small percentage over the total, they do no represent a problem.
Concerning the presence of high leverage points and highly influential points the values of
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Diagnostiche per casi®

Lo
Mumero di caso | Residuo std. cnmrgrlrent Yalore atteso Residuo
3 5,603 277 0994 267322
5 9,700 4,81 1841 4 62811
a 5,145 264 J1841 245499
17 4,064 240 4591 1,93884
ch 3,864 2,30 4591 1,84353
51 4,990 2,56 J1841 238088
117 3,165 1,61 0994 1,51006
134 5,281 277 2531 2,51951
142 4 553 240 2258 217213
178 6,716 3,33 277 3,20451
208 3,769 2,08 2814 1,79803
213 4 618 248 2814 2,20350
227 3,371 1,95 3378 1,60813
277 3,047 1,79 3378 145308
284 3,370 1,79 J1841 1,60769
383 5,673 304 3378 270674
430 3626 1,95 2157 1,73018
539 3,047 1,79 3378 145308
hE4 3,489 1,95 2814 1,66450
a30 3,282 1,79 2258 1,56600
ad4d 3127 1,61 JATT 149177
1202 4353 2,30 2258 207682
1364 3,643 220 4591 1,73817

a. Variabile dipendente: Log_comment

Figure 4-23: Outliers of model 2

leverage and Cook’s distance were analyzed; the values respect the thresholds, so there are
no high leverage points or highly influential points in the sample.

As in the first model for the dependent variable likes, the independent variables ‘LinkedIn’
and ‘Italian’ were not included in the model in order to keep them as a baseline. The resulting
equation is the following:

Comments = B, + f1Facebook + [,Instagram + B3English + B,English. Italian
+ BsPhoto + BgVideo + B, Written post + fgLink school website
+ BoExternal link + B yHashtags + (11 Post length + ,, Emotional
+ BizFunctional + f14Educational + ;5Brand resonance
+ BigExperiential + B,,Current event + [;gPersonal brand
+ 19 Employee brand post + [,oBrand community
+ B,,Customer relationship + [,,Cause.related
+ B,3 Sales promotion + p

Equation 2: Linear regression model 2
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4.2.4.3 Linear regression model 3
The third linear regression model has as dependent variable the number of reshares of a post;
as previously mentioned, the number of times that a post is reshared by other users can be
seen only on Facebook, so, for this reason, the independent variable social media was not
included. The independent variables that were used in the model are:

e Language (Italian, English, English-Italian)

e Type of post (photo, video, written post, event, share of a link from the school
website, share of a link from another website)

e Number of hashtags

e Post length

e Post category (see Table 4-1)

Before creating the linear regression model for the dependent variable ‘reshares’, the
variable itself was compared to its logarithmic transformation. The histogram for the
standardized residuals of the variable and for its transformation are represented in Figure
4-24 and Figure 4-25 respectively. The difference can be noticed especially by looking at
the P-P plot, for the variable ‘Log_reshares’ the points are much closer to the diagonal, so,
it was chosen as dependent variables as its residuals have a distribution that better resembles
a normal distribution, thus respecting the last assumption.

Istogramma Grafico di normalita P-P di regressione Residuo standardizzato
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Figure 4-24: Graphs for the variable ‘Reshares’
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Figure 4-25: Graphs for the variable ‘Log_reshares’

The first and second assumptions are respected; The dependent variable is measured on a
continuous scale, and the independent variables are either ratio or nominal variables, in
particular post length and number of hashtags are measured on a ratio scale, while the other
independent variables have only two values, 0 or 1, so they are measured on a nominal scale.
For the third assumption the Durbin-Watson statistic was considered; in the model under
analysis its value is 1,771, quite close to 2, so there is no correlation between the residuals,
so observations can be said to be independent.

The graph in Figure 4-26 was used to verify the linear relationship between the dependent
variable and the independent variables collectively, as well as homoskedasticity. The points
represented in the scatter plot show a linear relationship, as the total fit line is almost straight,
and no increasing or decreasing pattern, so both assumptions are respected.

Assumption number five can be verified by looking at the correlation values in the table
‘correlations’ in Attachment V or by looking at the table in Figure 4-27. The correlation
values should not be greater than 0,7 and in the correlation table no value exceeds this
threshold. Tolerances values in the table represented should not be lower than 0,1 and VIF
values should not be greater than 10. As it can be checked in the following figure, the
assumption holds.
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Figure 4-26: Scatter plot for model 3

Statistiche di
collinearita
Modello Tolleranza WIF
14 (Costante)
Hashtags 8a61 1,041
Eng BE3 11548
Fhoto 6849 1,430
Event 884 1132
External_link_reshare TGBE 1,305
Educational 12 1,405
Brand_resonance A1 1,097
Sales_promaotion 763 1,311

Figure 4-27: Statistics of multicollinearity model 3

Assumption number seven looks at outliers, leverage points and highly influential points.
Outliers can be seen in Figure 4-28; these points were checked one by one in order to verify
that their values were not the result of a mistake. Since the values were correct, they were
kept in the sample. To check the presence of leverage points, the leverage values were
considered, and they were all below the 0,2 threshold; while for the presence of highly
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influential points Cook’s distance was considered, and all the values were below 1.
Therefore, in the sample there are no leverage points or highly influential points.

Diagnostiche per casi®

Mumero di caso | Residuo std. | Log_reshare | Valore atteso Residuo
3 4 536 4,26 8481 341461
5 5,052 5,20 1,3954 380314
8 3,750 406 1,2379 282253
g7 3,852 3,76 28619 2,899
136 3,261 3,83 1,3736 245508
137 3,529 3,09 4346 2 65647
138 3,529 3,09 A346 2 65647

a. Variabile dipendente: Log_reshare

Figure 4-28: Outliers of model 3

For the creation of the model, the independent variable ‘Italian’ was kept as a baseline, so it
was not included in order to see if the fact that a post is written in English or in both English
and Italian has some influence on the number of reshares that the post receives with respect
to a post written in Italian. The resulting equation for the model was the following:

Reshares = By + B1English + B,English.Italian + f3Photo + B,Video
+ BsWritten post + f¢Link school website + [,External link
+ BgHashtags + [ Post length + ;o Emotional + 1, Functional
+ Bi2Educational + Bi3Brand resonance + f14Experiential
+ fBisCurrent event + fi¢Personal brand
+ B17 Employee brand post + [gBrand community
+ Bi9Customer relationship + B,oCause.related
+ B, Sales promotion + pn

Equation 3: Linear regression model 3

4.2.4.4 Linear regression model 4
The fourth and last regression model has as dependent variable the number of video views;
this type of data has sense only for the post type ‘video’, so in this model the independent
variable ‘type of post’ was not included. The independent variables used in the model are:

e Social media type (Facebook, LinkedIn, Instagram)
e Language (Italian, English, English-Italian)

e Number of hashtags

e Post length

e Post category (see Table 4-1)

As for the previous models, also for the video views the logarithmic transformation is a better
approximation of a normal distribution for the residuals. In Figure 4-29 the histogram and
P-P plot for the residuals of video views are displayed, while in Figure 4-30 the same graphs
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are shown for the logarithmic transformation. As it can be seen, the histogram for the
logarithmic variable is more similar to the classic bell-shaped curve of a normal distribution
and in the P-P plot the points are closer to the diagonal. For these reasons, the variable
‘Log_views’ was used in the model and so assumption number eight, concerning the
normality of residuals, was respected.

Istogramma Grafico di normalita P-P di regressione Residuo standardizzato

Variabile dipendente: Video_views Variabile dipendente: Video_views
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Figure 4-29: Graphs for the variable ‘video views’

Istogramma Grafico di normalita P-P di regressione Residuo standardizzato
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Figure 4-30: Graphs for the variable ‘Log_views’

Assumption number one and two concern the scale of dependent and independent variables.
The dependent variable is measured on a continuous scale while the independent variables
‘hashtags’ and ‘post length’ are measured on a ratio scale, and the remaining variables are
all nominal. So, these two assumptions are respected.

The third assumption can be checked by looking at the Durbin-Watson statistics, whose
value is 2,023. Its value should be close to 2, as in this case, so the assumption holds.

In Figure 4-31 assumptions number four and five can be checked. The points show an almost
linear relationship between dependent variable and independent variables collectively, as
suggested by the total fit line, which shows only a bit of non-linearity in the middle, but it
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does not represent a big variation from linearity; moreover, points do not show any pattern,
so also the assumption of homoskedasticity is respected.
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Figure 4-31: Scatter plot model 4

For the assessment of assumption six, the table ‘correlations’ in the Attachment IV has to be
considered. In this table the values should all be lower than 0,7 in order not to show
multicollinearity. In the sample the values respect the assumption, but to have another point
of view data in Figure 4-32 can be considered. Tolerances values should be greater than 0,1
and VIF values lower than 10, as in this case.

Outliers can be identified by looking at Figure 4-33. The number of outliers is just two over
a total of 147 videos included in the sample, so the percentage is negligible. Moreover, they
were checked in order to be sure that they do not result from a mistake.

To verify the presence of leverage points and highly influential points the leverage values
and values of the Cook’s distance were considered. In the sample there are some points
whose leverage value exceeds the 0,2 threshold but they do not constitute highly influential
points, as no observation has a value of the Cook’s distance greater than 1.
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Statistiche di
collinearita
Modello Tolleranza WVIF
a (Costante)
Facebook Faz 1,263
Instagram 737 1,358
Brand_resanance 48 1,336
Experiential 804 1,244
Personal_Brand_post 943 1,062
Employee_post 8949 1,112
Costumer_relationship 547 1,547
Sales_promaotion 582 1,445

Figure 4-32: Statistics of multicollinearity model 4

Diagnostiche per casi?

Mumero di caso | Residuo std. | Log_views | YWalore atteso Residuo
] 3,081 8,00 6, 1756 1,82609
39 5,078 945 64349 3,01081

a. Variabile dipendente: Log_views

Figure 4-33: Outliers model 4

As for the first and the second model, the variables ‘LinkedIn’ and ‘Italian’ were not included
in the analysis of this linear regression model, as they were kept as baseline. The resulting
equation for the model is the following:

Video views = [, + f1Facebook + fInstagram + 3English + f,English. [talian
+ fsHashtags + B¢ Post length + 3, Emotional + fgFunctional
+ BoEducational + f,yBrand resonance + [, Experiential
+ Bi,Current event + f3Personal brand
+ B14 Employee brand post + [;5Brand community
+ Bi¢Customer relationship + [i,Cause.related
+ BgSales promotion + p

Equation 4: Linear regression model 4
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5. Results

5.1 Expected results
This paragraph is dedicated to understanding what the results of the linear regression analysis
could be, in order to later compare them with the actual results obtained.

5.1.1 Social media expected results
First of all, it can be interesting to understand which social media is expected to perform
better in relation to the metrics considered. In Figure 3-1, the number of followers of each
Business School on Facebook, Instagram, LinkedIn and YouTube were compared; the social
media with the highest number of followers was LinkedIn for all the schools considered, so,
it was the one performing better in brand awareness. LinkedIn is also the social media with
the highest amount of posts per week for each Business School considered and the highest
number of video views.
Concerning the number of likes, from the data collected, Instagram is the social media with
the highest average, while for the number of comments results are not equal for all the
schools considered; in particular for Luiss Business School the highest number of comments
can be found on Facebook, for SDA Bocconi on Instagram and for MIP and Cuoa Business
School on LinkedIn.
However, it must be said that, according to Figure 2-2, the social media with the highest user
base world-wide is Facebook.

So, in the end, it could be expected that, in the results of the linear regression models run on
SPSS, the correlation between the metrics number of likes and number of video views with
the social media LinkedIn is found to be positive; being it the channel with the highest
number of followers, it is expected to receive a higher number of likes and video views with
respect to the other social pages. Similarly, regarding comments, a positive correlation is
expected with LinkedIn, as the number of comments is a measure of brand engagement, as
the number of likes.

H1: Linkedln is positively correlated with number of likes, comments and video views.

5.1.2 Language expected results
Luiss Business School, MIP and SDA Bocconi offer masters and executive programs not
only in Italian but in many cases also in English; this opens the possibility to foreign students
to study there. Obviously, having non-Italian speaking students, the schools publish on their
social media pages posts also in English in other to reach also them, and in some case, posts
are written in both languages so that everyone can understand the description of the post.
Cuoa Business School, instead, has only master programs offered in Italian, with the
possibility in some cases to have some modules taught in English, but the main language
remains Italian. For this reason, on its social pages, all posts are written only in this language.

The fact that a post is written in both Italian and English, allows the schools to make both
students from foreign countries and Italian students who do not know English well, to clearly
understand the post description. This means that the post in this way can be read by more
people, so the expected result is a positive correlation between the independent variable
English-Italian and the metrics likes, comments and reshares. Concerning video views, the
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language of the description is not expected to have an influence on this metric, as, in this
case, what matters is the language of the video and not of its description.

H?2: Posts written in both English and Italian are positively correlate with number of likes,
of comments and reshares.

5.1.3 Type of post expected results
According to Lisette de Vries et Al. (22), the vividness of a post is the extent to which it
stimulates the different senses of the user and it is positively correlated to the number of
likes of the post itself. This characteristic can be associated to the type of post ‘video’, being
it the most vivid one, but also to pictures.

A study by Kwok & Yu (55) showed that the post types photos and status update, that in this
analysis corresponds to the post type written post, received a higher amount of likes and of
comments with respect to the other types of posts considered, in particular videos and links.
Posts which contain links are found to have a lower level of engagement as well as posts
concerning events (56). Events are found to have a negative impact on the number of likes
also in the study by Carsten D. Schultz (57).

So, concerning the type of posts, the results that are expected are a positive correlation
between the number of likes and the post types photos, videos and written post, a positive
correlation between the number of comments and photos, and written posts, a negative
correlation between the number of likes, the number of comments and the post types event
and reshare of link (both from the school website and from other websites).

H3: The variables photos, video and written post are positively correlated with the number
of likes.

H4: The variables photo and written post are positively correlated with the number of
comments.

HS5: The variables event and link reshare are negatively correlated with the variables number
of likes and with the number of comments.

5.1.4 Hashtag expected results

By helping to codify a post in reference to some generally accepted categories and themes,
hashtags are helpful to reach a higher number of users; instrumentally, by clicking on a
hashtag it is possible to see all the posts that used it in their description. The higher the
number of hashtags used, the higher is the possible reach of the post, and so the higher should
be the response of users to the post. This is confirmed by Carsten D. Schultz (57); in his
study a positive relation was found between the hashtags and the number of likes and
comments.

H6: The number of hashtags is positively correlated with the variables likes and comments.

5.1.5 Post length expected results
The use of mobile phones is always increasing, and they have changed the behavior of people
with respect to computers. As previously mentioned in paragraph 2.1.3, people are less
inclined to read for long periods, also due to the length of phone screens. For this reason, it
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can be expected that the post length is negatively related to the number of likes of the post
(57), since people do not pay much attention to long texts.

However, the length of a post can also be positively correlated with the number of comments,
since the users that are willing to read the entire post description are interested in the subject
and they may also be willing to share their point of view on it, by writing a comment or by
resharing the post on their own social pages.

H?7: The post length is negatively correlated with the variable likes, and it is positively
correlated with the variables comments and reshares.

5.1.6 Post categories expected results
In Table 2-2 the correlation between metrics and post characteristics suggested by literature
are summarized; in this table some of the results that can be expected from the analysis are
contained. In order to be easier to see, the relevant parts are reported in Table 5-1.

Informational content Emotional content
Number of likes +
Number of comments + _
Number of shares +

Table 5-1: post characteristics and metrics

The post characteristic ‘Informational content’ is defined as a post containing useful,
functional or practical information about the company or its products (21), (22) (23); this
characteristic can be associated to the post category ‘functional’, as it is the category used to
share the attributes of the products offered by the firm, and, in the case of Business Schools,
it is used to share information about the master and how it will be carried out. According to
literature, this characteristic should be positively related to the number of likes and
comments.

The post characteristic ‘Emotional content’ stimulates strong emotions in the user reading
the post, both negative and positive feelings (23) (24); it can be associated to the post
category ‘emotional’ as it has the same goal. In this case, it is expected a negative
relationship with the number of comments and a positive one with the number of reshares of
the post.

According to the research conducted by Peruta & Shields (56), who conducted a study on
the Facebook posts of top U.S. colleges and universities, some post categories are positively
related to the engagement; in particular, the study revealed that the categories news-related,
school spirit and promotion increase engagement. In the article engagement was defined as
the sum of likes, comments and reshares.

Among the categories mentioned, news-related can be seen as the category ‘educational’,
which is used to educate and inform the readers of the post about many different fields. The
category school spirit instead can be associated to ‘brand resonance’ as the goal of this
category is to highlight the identity of the brand, and in the case of Business School, it is
used to show the history and importance of the school. Promotion can be connected to the
‘sales promotion’ category, used to promote educational programs. These three categories
are expected to be positively related to the metrics likes, comments and reshares.
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In the same study, negative correlation was found between engagement and the categories
campus events and academic events. Campus and academic events can fall under the
category ‘experiential” which is dedicated to events and activities organized by the school;
this category is thus expected to have a negative influence on the dependent variables likes,
comments and reshares.

The study by Carsten D. Schultz (57) analyzed also the impact of post categories on the
metrics likes, comments and shares. The results show that the metrics likes, and comments
are negatively correlated to the category charity, which is used to provide information about
charity events. According to the categories considered for the analysis presented in this
thesis, it can be easily associated to the category ‘cause-related’, used to support social
causes.

The same research found that the number of shares of a post is positively related to the
category holiday, that in our sample is called ‘current event’ and is dedicated to cultural
events, holidays, weather or seasons.

H8: The post category functional is positively correlated with likes and comments.

H9: The post category emotional is negatively correlated with comments but positively
related to the number of reshares.

H10: The post categories educational, brand resonance and sales promotion are positively
related to the number of likes, comments and reshares.

HI11I: The post category experiential is negatively correlated with likes, comments and
reshares.

H12: The post category cause-related is negatively correlated with the number of likes and
of comments.

H13: The post category current event is positively correlated with the number of reshares.

In the following table a summary of the results that are expected from the linear regression
analysis is presented.

. Correlation . Correlation
. Correlation . Correlation . .
Variable . . with . with video
with Likes with reshares .
comments views
Facebook
LinkedIn - - Not applicable +
Instagram Not applicable
English
Italian
English-Italian + + +
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Photos Not applicable

Videos

Written Post Not applicable

Event

Link school
website
External link
reshare

Not applicable

Not applicable

Not applicable

Hashtags
Post length

Emotional brand
posts

Functional brand
posts

Educational brand
posts

Brand resonance
Experiential brand
posts

Current event +
Personal brand

posts

Employee brand
posts

Brand community

Customer
relationship

Cause-related
brand post
+ +

Sales promotion +

Table 5-2: Summary of expected results

5.2 Results obtained

5.2.1 Linear regression model I results
The first linear regression model was created in order to understand what are the independent
variables which have an influence on the dependent variable likes, either positive or
negative. In Figure 5-1 some important values are summarized. The value of the statistic R
is used to see the fit of the model; it goes from O to 1, values close to 1 represent a good fit
of the model. In the model considered in this paragraph the value is 0,652, so the fit is quite
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good. The R? for this model is 42,5%, which means that the model explains 42,5% of the
variability of the dependent variable.

Riepilogo del modello™

R-guadrato Errare std. Durbin-
Modello R R-quadrato corretto della stima Watson
1 G542 A28 419 35091
2 G540 A28 418 35060
3 6545 428 418 38030
4 [G54d A28 A20 B5001
5 G54= 428 420 34974
6 (G4 428 421 34950
7 6548 A28 421 34925
8 [G54h A28 421 34905
g G54 A28 421 348387
10 (653 A27 421 ,34399
11 J653% A26 421 34916
12 652! 425 420 34959 1,713

Figure 5-1: Summary of linear regression model 1

In Figure 5-2 the statistical significance of the model can be assessed. The p-value (Sig.) of
the model is used to verify whether the model is statistically significant or not; to be
significant it should be lower than 0,05, so, being it 0, it means that the model is statistically
significant. Since the p-value is low, the null hypothesis (there is no correlation between the
dependent and independent variables) is rejected, and it can be said that there is correlation.

ANOVA™
Somma dei Media dei
Modello guadrati df quadrati F Sig.
12 Regressione 741,696 12 61,808 85,629 .ooo!
Residuo 1001,873 1388 T22
Totale 1743 5649 1400

Figure 5-2: ANOVA model 1

In Figure 5-3, the coefficients of the model are summarized. The coefficient ‘Constant’
represents the value of the dependent variable when all the independent variables are zero,
in this case it is the number of likes of a post on LinkedIn written in Italian. The values of
the variables ‘Facebook’ and ‘Instagram’ represent the increase or decrease in the number
of likes of a post published on that social media instead of LinkedIn. The same for the
variable ‘English’, which represents the decrease in the likes with respect to posts written in
Italian. For the nominal variables ‘video’, ‘written post’, ‘reshare of a link from the school
website’, ‘reshare of an external link’, ‘functional’, ‘brand resonance’, ‘employee brand
post” and ‘sales promotion’, the coefficients represent the change in the value of the variable
likes between the two values of the independent variables. So, they represent the increase or
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decrease in the likes when a post belongs to that category and so the independent variable is
1 and not 0.

The coefficient of the variable ‘hashtags’ represents the increase in the number of likes that
is associated to the increase of one unit in the independent variable hashtags.

In the same Table (Figure 5-3), another important value that has to be considered is the
column ‘Sig.’, which stands for significance level and it corresponds to the p-value. It is used
in order to understand the statistical significance of the correlation coefficients and whether
to accept or reject the null hypothesis. The null hypothesis, HO, proposes that there is no
correlation between the dependent variable and the independent variables; it is rejected if the
p-value is lower than a threshold while if it greater HO can’t be rejected. The threshold in
this case was set at 0,1 so for values lower than this the null hypothesis is rejected and it can
be said that there is a correlation between the dependent variable and the independent
variable that corresponds to that specific p-value. In the Table all the values in the Sig.
column are below 0,1 so they all respect the condition for the rejection of the null hypothesis;
thus, there is correlation between the dependent variable likes and the independent variables
that are listed in the table.

The p-value can be used also to understand the statistical significance of the correlations; if
it lower than 0,05 it can be said that there is high statistical significance, if its value is
between 0,05 and 0,01 that there is statistical significance and if it is higher than 0,1 that
there is no statistical significance. In the table all the values suggest that there is statistical
significance, and, in some cases, a high level.

Coefficienti non Coefficienti
standardizzati standardizzati
Modello B Errore std. Beta 1 Sig.
12 (Costante) 3,466 057 £1,103 000
Facebook -1,147 050 =507 -22 825 000
Instagram 227 085 07 2662 0oga
Hashtags 020 Jooa JOBT 2,505 010
Eng -0az2 050 -038 -1,820 067
Filmato 82 76 050 2377 018
Written_post 570 205 038 1,867 062
School_website =176 JOB6 -,059 -2684 007
External_link_reshare -389 085 -,089 -4 603 000
Functional =171 053 - 076 -3,215 001
Brand_resonance 589 071 76 8,257 000
Employee_post 221 115 040 1,924 055
Sales_promotion -.360 061 - 142 -5,860 000

Figure 5-3: Coefficients model 1

5.2.2 Linear regression model 2 results
The second linear regression model has the aim to find the correlation between the number
of comments of a post and the characteristics included in the analysis. In Figure 5-4 the
summary of the model is shown. The R is 0,22, it is not very close to 1, so the fit of the
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model is not very good; The variability of the dependent variable explained by the model is
only the 4,8%.

Riepilego del modellos

R-guadrato Errore std. Durbin-

Modello R R-quadrato caorretto della stima Watsaon
1 2354 055 039 47835

2 235k 055 040 ATBT

3 235% 055 041 47800

4 235 055 041 A77a3

5 235= 055 042 ATTEG

] 234f 055 043 AT749

7 2348 055 043 ATT34

a8 234h 055 044 ATT20

9 234 055 044 AT705

10 2341 055 045 ATE91

11 233 054 046 ATETE

12 232! 054 046 ATET

13 231 053 046 ATET

14 23gn 0583 046 ATEET

15 2z2ge 052 046 ATET2

16 226F 051 045 AT7681

17 2238 050 045 A7693

18 2207 048 044 AT 1,860

Figure 5-4: Summary of linear regression model 2

Even though, the fit of the model and the variability explained are not really good values, as
it can be seen in Figure 5-5, the p-value of the model is zero, so it is statistically significant.

ANOVAS
Somma dei Media dei
Modello quadrati df quadrati F 3iq.
18 Regressione 16,110 G 2,685 11,795 Jooor
Residuo 317 554 1395 228
Totale 333,664 1401

Figure 5-5: ANOVA model 2

The coefficients that result from the second linear regression model are summarized in
Figure 5-6. The first coefficient (constant) represents the value of the dependent variable
comments when all the independent variables have a value of zero, so it is the number of
comments for a post published on LinkedIn and written in Italian. The coefficients of the
variables ‘Facebook’ and ‘English’ suggest that a post on Facebook receives a lower amount
of comments with respect to a post on LinkedIn, and that a post written in English is less
effective with respect to a post written in Italian.

Posts which are a reshare of an external link have a negative influence, as posts that belong
to the category ‘functional’. The only positive influence is given by the category ‘brand
resonance’, which stimulates comments from the users and visitors of the social media page.
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The Sig. column in the table suggests that, since the p-values are all below the 0,1 threshold,
so there is statistical significance and that the null hypothesis, which suggests that there is
no correlation between the dependent variable and the independent ones, can be rejected.

Coefficienti non Coefficienti
standardizzati standardizzati
Modello B Errore std. Beta t Sia.
18 (Costante) 338 023 14,414 000
Facebook - 154 026 -155 -5,940 000
Eng - 0586 028 - 054 -2,024 043
External_link_reshare - 085 045 =080 -1,8649 062
Functional - 0586 030 - 056 -1,871 062
Brand_resonance 121 039 083 3,077 0oz
Sales_promotion - 066 033 - 060 -1,9494 046

a. Variabile dipendente: Log_comment

Figure 5-6: Coefficients model 2

5.2.3 Linear regression model 3 results

The purpose of the third linear regression model is to find a correlation between the reshares
of a post on Facebook and the characteristics of the post, such as language, type of post,
length of its description and the category. In Figure 5-7 the summary of the model is shown;
the model fit can be assessed by looking at the R statistic, which goes from 0 to 1, in this
case its value is 0,415 so the fit is not too bad. The R? statistics is used to see the percentage
of the variability of the dependent variable that is explained by the model; this model
explains 17,2% of the variability of the reshares of a post.

Riepilogo del modello®

R-gquadrato Errore std. Durbin-
Maodello R R-quadrato corretto della stima Watson
1 4308 185 154 75547
2 4308 185 156 75480
3 430% 185 57 75414
4 4304 185 159 75352
5 430 185 160 75292
] 429 184 161 75238
7 4288 184 163 75180
g 4290 184 164 5137
g 4271 182 164 J8127
10 4261 181 164 78111
1 4255 180 164 75099
12 4221 178 164 75134
13 A418™ 175 162 75203
14 415" 72 160 5276 1,753

Figure 5-7: Summary of linear regression model 3

The p-value of the model, in the column Sig. in Figure 5-8, suggests that there is statistical
significance and that there is correlation between the variable ‘reshares’ and the independent
variables, thus rejecting the null hypothesis.
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ANOVA®

Somma dei Media dei
Modello quadrati df quadrati F 3ig.
14 Regressione A7 578 3 8,447 14,907 Joogan
Residuo 325 260 R74 BE7
Totale 392 838 82

Figure 5-8: ANOVA model 3

Figure 5-9 summarizes the resulting coefficients of the model. As for the other models, the
first coefficient represents the value of the dependent variable when all the independent ones
have a value of zero. What positively influences the reshares on Facebook are the hashtags,
each increase of one hashtag increases of 0,052 the reshares, in addition to the categories
‘brand resonance’ and ‘educational’. The variables that have a negative impact are the
English language, the post type ‘photo’, ‘event’, ‘external link reshare’, and the category
‘sales promotion’; when these variables have a value of 1 they negatively impact the reshares
with respect to the cases in which their value is 0.

The p-values in the table show statistical significance of the coefficients and that the null
hypothesis can be rejected.

Coefficienti non Coefficienti
standardizzati standardizzati
Modello B Errore std. Beta 1 Sig.
14 (Costante) 995 096 10,418 000
Hashtags 052 014 142 3,661 ,aoo
Eng - 287 073 -, 160 -3,903 000
Photo - 327 078 =180 -4 187 000
Event -1,022 203 -203 -5,033 ,aoo
External_link_reshare - 285 127 -087 -2,240 025
Educational 37 079 078 1,742 o8z
Brand_resonance 273 099 104 2752 006
Sales_promaotion -239 080 - 130 -2,988 03

a. Variabile dipendente: Log_reshare

Figure 5-9: Coefficients model 3

5.2.4 Linear regression model 4 results
Linear regression model 4 has the goal to find what are the elements that positively or
negatively influence the views of a video. The elements considered were the social media,
the language, the number of hashtags, post length and the category of the post. As it can be
seen in Figure 5-10, the R statistic is 0,717, quite close to 1, meaning that the fit of the model
is good; moreover, the model explains 51,4% of the variability of the dependent variable, as
suggested by the R? statistic.
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Riepilogo del modello

R-guadrato Errore std. Durbin-
Modello R F-guadrato corretto della stima Watsan
1 7308 533 478 59646
2 730k 533 483 59420
3 730e 533 486 50234
4 73pd 532 490 59024
5 T28% 531 482 58any
] FaT7t 528 494 58785
[ T238 D23 A9 58941
a8 F17h 514 485 59274 2023

Figure 5-10: Summary of linear regression model 4

The output of the Anova analysis, displayed in Figure 5-11, shows that p-value is zero, thus
demonstrating that the model is statistically significant. Moreover, it can be said that there
is correlation between video views and the independent variables, rejecting the null
hypothesis.

ANOVAI
Somma dei Media dei
Modello quadrati df quadrati F Sig.
8 Regressione 50,539 g 6,317 17,981 .oooh
Residuo 47 783 136 351
Totale 93,322 144

Figure 5-11: ANOVA model 4

Figure 5-12 shows the final coefficients of the model. When all the independent variables
have a value of zero, the dependent variable ‘video views’ is expected to have the value
corresponding to the row constant in the table. The views are positively impacted by the
categories ‘brand resonance’, ‘experiential’, ‘personal brand post’ and ‘customer
relationship’, while a negative impact is associated to the social media Facebook and
Instagram, and to the categories ‘employee post’ and ‘sales promotion’.

In the same figure, the last column, named Sig., is used to verify the statistical significance
of the correlation coefficients; all the p-values are below 0,1 so there is statistical
significance, and in some cases the value is even lower than 0,05 showing a high
significance. Moreover, the p-values are used also to reject the null hypothesis, so it can be
said that the hypothesis that there is no correlation between video views and the independent
variables is not true.
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Coefficienti non Coefficienti
standardizzati standardizzati

Maodello B Errore std. Beta 1 Sig.

a (Costante) 7,246 118 61,240 000
Facebook -1,102 13 - G56 -0.787 000
Instagram -831 135 - 479 -6,877 000
Brand_resonance 03 153 217 4 591 aoo
Experiential 291 37 141 2,121 036
Personal_Brand_post 739 356 128 2073 040
Employee_post -464 261 =113 -1,799 074
Costumer_relationship 322 37 75 2,350 020
Sales_promotion -.290 120 =174 -2, 421 a7

Figure 5-12: Coefficients model 4

5.2.5 Summary of linear regression results
In Table 5-3 the results of the four linear regression models are summarized. The symbol “+’
indicates a positive correlation, while the symbol ‘-* shows a negative correlation between
the dependent variable and the independent one. The cells that are left empty show that there
is no significant correlation between the variables.

Dependent Dependent Dependent Dependent
Independent . . . . .
. variable variable variable variable video
Variable . .
Likes comments reshares views
Instagram A Not applicable _

English-Italian

Photos Not applicable
Videos +

Written Post + Not applicable
Event Not applicable
Link school .
website Not applicable
External link .
reshare Not applicable
Hashtags + +

Post length
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Emotional brand
posts

Functional brand
posts

Educational brand
posts

Brand resonance

Experiential brand
posts

Current event

Personal brand
posts

Employee brand
posts

Brand community

Customer
relationship
Cause-related
brand post

+

+ +
+
+
+

Table 5-3: Summary of results

In the following table, Table 5-4, the p-values of the independent variables are summarized.
Values lower than 0,05 show high statistical significance, values between 0,051 and 0,01
statistical significance, while values higher than 0,1 show no statistical significance.

Independent
Variable

Facebook
Instagram
English
English-Italian
Photos

Videos

Written Post

Dependent
variable
Likes

0,00
0,008
0,067

0,018
0,062

Dependent
variable
comments

0,00

0,043

Dependent Dependent
variable variable video
reshares views
0,00
Not applicable 0,00
0,00
0,00 Not applicable
Not applicable
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Event

Link school
website

External link
reshare

Hashtags

Post length

Emotional brand
posts

Functional brand
posts

Educational brand
posts

Brand resonance

Experiential brand
posts

Current event

Personal brand
posts

Employee brand
posts

Brand community

Customer
relationship

Cause-related
brand post

Sales promotion
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0,007
0,00

0,010

0,001

0,00

0,055

0,00

0,062

0,062

0,002

0,046

0,00

0,025

0,00

0,082

0,006

0,003

Table 5-4: Summary of the p-values

Not applicable

Not applicable

Not applicable

0,00

0,036

0,040

0,074

0,020

0,017



6. Discussion

6.1 Social media

The first hypothesis was related to the social media on which the post is published, and it
was hypothesised that the social media positively correlated with number of likes, comments
and video views was LinkedIn. According to the results of the first linear regression model,
the number of likes is increased when the post is published on Instagram and decreased when
on Facebook, with respect to LinkedIn. So, the social media that receives more likes is
Instagram, as already highlighted in paragraph 4.2.1.

The second model, with dependent variable comments, showed a negative correlation with
Facebook and no correlation with Instagram; with respect to LinkedIn, the fact that a post is
published on Facebook, has a negative impact on the number of comments that users give.
The last model revealed that video views are negatively correlated with both Facebook and
Instagram, thus partially supporting the first hypothesis.

In the end, it can be said that even though LinkedlIn is the channel with the highest number
of followers for all the schools, it has a positive impact only on the number of video views,
as more people will have the video appearing on their home page. Regarding the number of
likes, the social media that has a more active fan base is Instagram, as it is positively
correlated with the number of likes, but it is negatively related to the views of videos,
probably due to the lower number of followers of the social pages of the schools on this
channel. Facebook, instead, has a negative influence on the number of likes, comments and
video views, suggesting that it is not the most efficient mean of communication among the
ones analysed, even if it is the one with the highest user base worldwide.

6.2 Language

Concerning the language that is used to write the description of the post, it was expected that
posts written in both English and Italian were positively correlated with likes, comments and
reshares, as they are easy to understand for both Italian and foreign students of the Business
Schools. The linear regression models with dependent variable likes, comments and reshares
all found a negative relationship with the independent variable English; thus, it can be said
that, with respect to posts written in Italian, English posts receive a lower amount of likes,
comments and reshares. Therefore, the second hypothesis was rejected.

The fact that the Business Schools considered are all located in Italy can be the reason why
posts written in English have a lower level of engagement and word of mouth. The social
media pages of the schools may have a higher percentage of Italian followers rather than
foreign ones. Unfortunately, this data cannot be verified as this type of statistic can be seen
only by the owner of the social page.

However, this assumption can be reasonable as the independent variable ‘English’ is
negatively correlated only with likes, comments and reshares and not with video views. In
fact, as already hypothesized in paragraph 5.1.2, the language of the post description does
not have any influence on the views of videos.
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6.3 Type of post
The type of posts that, from the linear regression analysis results, have a positive impact are
videos and written posts, while the ones with a negative impact are photos, event, links from
the school website and external link reshare.

Videos and written posts are positively correlated with the dependent variable likes. In
particular, the high vividness of videos is able to capture the attention of the users, who will
be induced to leave a like to this kind of posts; while written posts are made only of a text
and they are generally used to give announcements or more dense communications, so, social
media users are encouraged to give a like as a way to show to the post owner that they have
read it or that they agree with its content.

The post types ‘photo’ and ‘event’ are negatively correlated with the dependent variable
reshares. Facebook users are not pushed to reshare on their social page these types of post.
Concerning events, it can be due to the fact that when an event appears on your home page,
you are interested in seeing when it will take place, where, at what time and what is planned.
So, you may read the description, decide whether you want to take part or not, and click on
the button ‘participate’ in case you are interested. Then, when you go back to your home
page you may forget to reshare the event in order to invite also your ‘friends’.

Photos may not be frequently reshared by the followers of Business Schools as in many cases
they are used to promote masters and educational programs or to show events that took place.
In case the photos are used to show conferences, events or graduation days, they will be
reshared mainly by those who were there, so only a small number of people with respect to
the followers of the page.

Both links coming from the school website and links coming from other websites have a
negative impact. When a link appears on the social network home page, if you are interested
in its title, you click on it in order to open the website and see its content. When you have
read it, you go back to the social media or directly close it, so you may forget to give it a
like, a comment or reshare it. In particular, links coming from the website of the Business
School generate a lower number of likes, while links coming from other websites generate
not only a lower number of likes, but also a lower number of comments and of reshares.

In the end, hypothesis number three is only partially confirmed, as only videos and written
posts have a positive relationship with likes while photos have no correlation; hypothesis
four is not verified as neither videos nor written posts have an influence on the number of
comments; the fifth hypothesis stated that event and links are negatively correlated with likes
and comments, and it is only partially true: events are not related to likes and comments, but
only to reshares, while links coming from the school website negatively influence likes but
not comments and links from other websites not only are negatively correlated with likes
and comments, but also reshares.

6.4 Hashtags
By helping to codify a post in reference to some generally accepted categories and themes,
hashtags are helpful to reach a higher number of users; Instrumentally, by clicking on a
hashtag it is possible to see all the posts that used it in their description. Hypothesis number
six was related to the expected positive relationship of hashtags with both likes and
comments. It was only partially confirmed by the output of the linear regression analysis, as
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hashtags resulted to have a positive influence on likes and reshares, but no relationship with
comments.

Hashtags are used more frequently on Instagram; in the sample considered the average
number of hashtags was higher on this social media than on the other ones for all the
Business Schools considered; this can also be an explanation for the positive correlation
found between Instagram and the number of likes.

6.5 Post length
In paragraph 5.1.5, the post length was expected to have a negative relationship with likes
and a positive one with comments and reshares. In none of the four models created on SPSS
a correlation with the length of the post was found. The number of characters used in the
description of the post has no influence on the number of likes, of comments, of reshares
and of video views; what matters is the content of the post and not how long its description
is.

6.6 Post categories
The first category considered is emotional; it was expected to have a negative correlation
with the dependent variable comments and a positive one with the dependent variable
reshares. The results of the linear regression analysis, however, show correlation with none
of dependent variables considered in the models. So, hypothesis nine is not confirmed, and
it can be said that emotional content in a post does not influence in any way the engagement
or word of mouth.

The post category functional, according to hypothesis eight, was expected to be positively
correlated with the metrics of engagement, likes and comments, but the relationship turned
out to be negative. This category of posts is used by Business Schools to highlight the
benefits of the masters offered, the job opportunities that they can open or to emphasize the
network of partners and companies of the school; it can be seen, by those who read the post,
as a way to convince them to study there, thus resulting in the opposite outcome, with a
lower amount of likes and comments.

In hypothesis number ten, the expectation was to have a positive relationship between the
metrics likes, comments, reshares and the post categories educational, brand resonance and
sales promotion. However, educational brand posts have a positive correlation only with
reshares and no correlation with the other dependent variables; Brand resonance has a
positive connection with all the variables, so not only likes, comments and reshares but also
video views; sales promotion posts instead have a negative coefficient in all the models. The
hypothesis is only partially confirmed.

Educational posts are among the most common posts for Business Schools, which publish
many articles and links that discuss about many topics, from companies and economy to
smart working and online teaching. This type of posts is frequently reshared by the followers
or visitors of the social pages; this can be mainly due to the fact that articles published by
Universities are considered reliable, as they come from a source that can be trusted, so,
people are willing to share it with their network without having to worry about fake news.
Brand resonance posts highlight the history and importance of the School, its rankings, the
results of researches conducted in the University and they are also used in order to show the
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campus. This category of posts revealed to be effective in relation to all the metrics
considered as it has a positive influence on all of them.

Sales promotion posts were expected to have a positive correlation, but it revealed to be
negative in relation to all the metrics considered in the analysis. This can be due to the fact
that social media users do not want advertising and do not trust advertising, as expressed in
an article by Eric Clemons (58). On the internet, people are able to find all the information
they need, when they need it and in the sources they trust the most, they do no want to be
target of advertising on social media. For this reason, posts that are used to promote masters
and educational programs receive a lower number of likes, of comments, of reshares and of
video views.

In paragraph 5.1.6, the post category experiential was hypothesized to be in a negative
relationship with likes, comments and reshares. This hypothesis, number eleven, was not
confirmed by the results of the analysis, which showed that this category has no correlation
with likes, comments and reshares, but only a positive one with video views. Videos which
show event, activities and conferences that took place receive a higher amount of views;
many of these videos show guest speakers who took a speech at some conferences or events
organized by the Business Schools. The followers of their social pages seem interested in
seeing and listening to these important people sharing their experience, giving advices or
discussing the topic of the event. It is also a way to understand how it feels like to be a
student in that University.

Hypothesis twelve and thirteen were not confirmed by the linear regression model results.
The former assumed that the post category cause-related was negatively related to likes and
comments, while the latter that the category current event was positively correlated with the
number of reshares. However, both categories had no correlation with the dependent
variables in the analysis.

Cause-related posts are used by Business Schools to support social causes, to provide links
to make donations or create awareness about social issues. Current events posts, instead,
discuss about holidays, and themes like seasons or weather. Both categories do not catch the
attention of users nor have negative influence on brand engagement and word of mouth.

Concerning the categories not yet discussed, no articles or literature was found, so no
hypothesis was formulated; the results of the linear regression model will be examined.
Personal brand posts had a positive coefficient only in the fourth model, which has as
dependent variable the video views; thus, it has a positive influence only on this metric and
no influence on the other ones considered. Videos which describe the personal life of
students, their experience at the school and what they have been able to achieve after the
completion of a master or an executive program generate the interest of the viewers, who
will dedicate some time to see the full video.

Employee brand posts, in the posts of Business Schools, talk about the success of the
professors who teach in the School and the awards they have received. This category was
found to be positively correlated with the number of likes, but negatively correlated to the
number of video views.

The brand community category, in the results, had no correlation with the dependent
variables. This type of post is used to make alumni know each other, by creating events or
pushing the use of online communities; however, in the sample considered, only 13 posts
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out of 1407 fall under this category, so this can be a reason why no correlation was found.
The last category to be discussed is customer relationship, which has a positive influence on
the views of videos. These posts share the experience of students, who talk about their
experience at the Business School, how classes are organized and what are the themes
touched during the carrying out of the course. The fact that a post falls under this category
has a positive impact on the views, and this can be explained by the interest of prospective
students in understanding how it feels like to be a student in a specific Business School and
there is no better way to understand it than directly hearing it from the students themselves.

6.7 Examples from the Polito Master School’s Facebook page
In order to understand what elements of a post on social media have a positive effect on the
metrics considered and which ones have a negative effect, it can be interesting to take some
examples from the Facebook social page of the Specializing Master’s Programmes and
Lifelong Learning School of the Polytechnic of Turin.

In Figure 6-1 the first example is shown. The elements of the post are the following:

e Social media: Facebook

e Language: Italian

e Post type: External link reshare

e Hashtags: one

e Post length: 186 characters

e Post categories: Functional and brand resonance.

The social media is Facebook, as it is the only channel in which the Specializing Master’s
Programmes and Lifelong Learning School has a page; with respect to LinkedIn, which was
used as baseline in the linear regression models, Facebook has a negative correlation with
likes, comments and video views.

The language used in the description is Italian; since it was used as baseline in the linear
regression models, there is no value of correlation between this variable and the dependent
ones. Similarly, the post length has no correlation with the metrics, but it is due to the fact
that in none of the models considered in the analysis it has shown a correlation with the
metrics.

The post is a reshare of a link coming from an external website; as discussed in paragraph
6.6, this type of post has a negative correlation with the metrics likes, comments and
reshares. It is perceived by social media users as non-original content and this is reflected in
the success of the post.

The hashtag is only one, and it has a positive impact on the metrics likes and reshares. As
already mentioned, the hashtags allow the post to obtain a greater reach as the users that
search that hashtag will see all the posts that had used it in their description. They can be
used to widen the reach of the post; each hashtag used will have a positive effect.

The post in Figure 6-1 can be associated to the categories functional and brand resonance.
Brand resonance is the category used to highlight the importance of the school and, in this
post, it is done by linking an article that talks about the School and its educational programs
offer. By showing that important companies and newspapers had written about it, the brand
and the importance of the Master school are emphasized. The post falls also under the
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category functional as in the articles the organization of the master and its characteristics are
described. The category brand resonance positively impacts likes, comments and reshares,
while the functional one has a negative impact on likes and comments.

Scuola di Master e Formazione Permanente - Polito
25 settembre alle ore 16:55 - Q

La Repubblica Torino e Business Wire parlano di noi e del nuovo
#Master di |l livello in Artificial Intelligence & Cloud.

Read them here:
https://bit.ly/2Hxwn8M
https://bwnews.pr/309yy90

#PoliTo Politecnico di Torino

TORINO.REPUBBLICA.IT

Intelligenza artificiale, a Torino master al Poli e assunzione
nei laboratori di Reply per 40 studenti d'eccellenza

Qo

Figure 6-1: Example 1 from the Facebook page of the Polito Master School

In Table 6-1 the characteristics of the post and their impact on the success of the post are
summarized. As it can be seen in the table, the number of likes is positively influenced by
the hashtag and by the post category brand resonance, while a negative impact is due to the
fact that the post is shared on Facebook, that it is the reshare of an external link and to the
post category functional. The number of comments is negatively affected by the social
media, the post type and by the category functional; the only element that has a positive
impact on the comments is the post category brand resonance. The reshares are positively
correlated with hashtags and brand resonance category, while the post type has a negative
impact.

Post characteristics
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Social media
Language
Post type
Hashtags

Post length

Post categories

Effect on the Effect on the

Effect on the . .
. e metric metric
metric likes
comments reshares
Facebook [N NEONSANIN Not applicable
Italian No influence No influence No influence
External link resharc [NS0:3 80NN I S0,085 I INE02850
1 +0,020 No influence +0,052
186 characters No influence No influence No influence
Functional  [NNEOMTINNN IE0I0568  No influence
Brand resonance +0,589 +0,121 +0,273

Table 6-1: Summary of example 1



In Figure 6-2 a second example from the Facebook page of the Specializing Master’s
Programmes and Lifelong Learning School is displayed. Its characteristics are:

e Social media: Facebook

e Language: Italian

e Post type: photo

e Hashtags: one

e Post length: 376 characters

e Post categories: functional and sales promotion.

Concerning social media, language, number of hashtags and post length, they are the
same of the first example analyzed. Facebook negatively impacts likes, comments and
video views; hashtags have a positive effect on likes and reshares; language and post
length have no influence.

The post can be categorized as functional and sales promotion. It is a functional post as
it describes the master, the number of hours of atelier it offers, and it points out the fact
that it has created high-level professional profiles in the past. It is a sales promotion post
as it provides the link to the school website, so that social media users can get additional
info and subscribe to the program. Functional posts have a negative correlation with likes
and comments, while sales promotion posts not only with likes and comments, but also
with the number of reshares.

Scuola di Master e Formazione Permanente - Polito
B 24 settembre alle ore 14:72- @

Sono aperte le iscrizioni al #Master universitario di | fivello full-time in
Interior, Exhibit & Retail Design realizzato dal Politecnico di Torino.
Giunto ormai alla sua VIl edizione, il corso forma profili d'eccellenza
nel settore dell'arredamento e del retail design, grazie ad oltre 500 ore
di atelier ed un tirocinio formativo obbligatoric presso studi ed
aziende rinomati a livello nazicnale

Per infor https:/Ybit.ly/2HwGoTP

#PaliTo

Master Uiniversitario di | livello

INTERIOR
EXIBIT

& RETAIL
DESIGN

Scadernyza lscririp

10 novemire 2020 alle 14,00

PR
e m
?1 3

Qs Condivisioni: 2

Figure 6-2: Example 2 from the Facebook page of the Polito Master School
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In Table 6-2 the summary of the elements and characteristics of the post and their influence
on its success are summarized. The likes of the post are negatively influenced by the
categories of the post, functional and sales promotion, and by the social media on which it
was shared, Facebook; the only positive impact is due to the presence of a hashtag. The
characteristics of the post have only a negative impact on the post. The number of reshares
of the post are increased by the hashtag but decreased by the fact that it is a photo and by the
category sales promotion.

Effect on the Effect on the

Post characteristics Effect. on the metric metric
metric likes
comments reshares
Social media Facebook _— Not applicable
Language Italian No influence ~ No influence = No influence
Post type Photo No influence No influence _
Hashtags 1 +0,020 No influence +0,052
Post length 376 characters No influence ~ No influence = No influence

. Functional  [ASONINSSNINNRO056IN  No influence
Post categories .
Sales Promotion  [ES0:360/ 00661 [0SR

Table 6-2: Summary of example 2

The third example is shown in Figure 6-3 and its characteristics are the following:

e Social media: Facebook

e Language: Italian

e Type of post: Photo

e Hashtags: one

e Post length: 165 characters

e Post categories: Functional and customer relationship.

As for the previous examples the social media is Facebook, which has a negative influence
on the success of the post; the language, Italian, has no influence, similarly to the post length.
The post is a photo, and this post type, according to the results of the linear regression
analysis, has a negative impact on the reshares of the post itself.

The post belongs to the categories functional and customer relationship; it is a functional
post as it shows the activities that the master offers to its students, so it is a way to let potential
students understand what the course can let you learn. As seen for the other examples, this
category has a negative correlation with the number of likes and of comments.

The post can also be considered a customer relationship post as it shares the experience of
the students. This category has a positive impact on the number of video views, but since the
post in this case is a photo, this characteristic does not impact the success of the post.
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Scuola di Master e Formazione Permanente - Polito
17 settembre alle ore 15:06- @

Riprendono le visite aziendali.

Gli studenti del Master - Eco Packaging Design mercoledi 16/09/2020
sono stati ospiti dell'azienda SIPA, eccellenza italiana nella produzione
del PET.

#PoliTo

[ B Condivisioni: 4

Figure 6-3: Example 3 from the Facebook page of the Polito Master School

In the following table the characteristics of the post and their impact on its success are
summarized. The social media and the post category functional are negatively correlated
with the metrics likes and comments; their effect on the number of likes, however, is
mitigated by the presence of a hashtag. Concerning the reshares, this metric is negatively
influenced by the post type and positively influenced by the hashtag.

Effect on the Effect on the

Post characteristics Effect. 01} the metric metric
metric likes
comments reshares
Social media Facebook _— Not applicable
Language Italian No influence ~ No influence = No influence
Post type Photo No influence No influence _
Hashtags 1 +0,020 No influence +0,052
Post length 165 characters No influence No influence No influence
Functional  |[INNEONZINNININNE00S6MN  No influence
Post categories
g Cus.tomer No influence No influence No influence
relationship

Table 6-3: Summary of example 3

By comparing the three examples it can be noticed that the first post considered is the one
with the highest number of likes, 9, compared to the other posts; this is due to the fact that
the first post has more elements that positively influence the number of likes, in particular
the hashtag and the post category brand resonance, while the other posts only have the
positive impact of the hashtag. The post in the second example had received 6 likes, while
the third 8; this difference can be explained by the fact that example number two has the
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social media, the post category functional and the post category sales promotion which
negatively influence the number of likes, while example number three only has the social
media and the post category functional. The presence of an additional element with negative
impact can explain the lower amount of likes of the second post with respect to the third.

Concerning the number of comments, all the examples considered did not receive any
comment. Even though the first post has the post category brand resonance, which in the
linear regression analysis has a positive correlation with the number of comments, the
negative effect caused by the social media Facebook, by the post type external link reshare
and by the category functional, prevails. In the other examples considered, the post
characteristics only have a negative impact on the number of comments, so this can explain
why this value is zero.

The number of reshares of the posts considered are respectively 0 for the first example, 2 for
the second and 4 for the third. The first example has two elements positively correlated with
the reshares and only one with negative correlation, but it was not reshared by anyone.

The difference in the number of reshares between the second and the third examples is
explained by the correlation coefficients; both posts have the positive impact of the hashtag
and the negative one due to the post type photo, but the second example has also the post
category sales promotion which exercises a negative influence. So, as for the number of
likes, the presence of an additional negative element explains the difference.
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7. Conclusions

This thesis aimed to identify the most effective and efficient tools and communication
strategies, used by the Business Schools considered in the analysis, in order to apply them
to the Specializing Master’s programmes and Lifelong learning School of the Polytechnic of
Turin. The conclusions can be divided into what should be done and what should be avoided.

Concerning the actions that should be implemented, the first step would be to work on the
social media mix, to inform users and affirm brand resonance. At the moment the Master
School of the Polytechnic of Turin has only a Facebook account, so, it should open an
Instagram page, as it resulted to be the most effective social media in relation to the number
of likes, and a LinkedIn page, being it the one with the highest number of followers for all
the Business Schools considered. Regarding the contents published on social media, the most
appreciated type of post is videos, while the categories that should be more used are brand
resonance, educational, experiential, personal brand and customer relationship. The posts
published should give voice to the students, who can share their experience, their feelings
and their thoughts about the School; they should show the events, conferences and activities
that take place and emphasise the history, importance and academic results of the School.
The results of the analysis conducted on the social media posts thus showed that the
categories of posts that are positively related to engagement and word of mouth are the ones
that are created specifically for the social channels, in particular videos that share the
experience of the students and their life at the Campus, the classes and conferences that take
place there.

Another important action would be to work and leverage on the brand reputation, trying to
strengthen it. Having a strong brand is essential for Business School, so the Specializing
Master’s programmes and Lifelong learning School of the Polytechnic of Turin should focus
on this; brand can be related to both the school and its professors.

What Business Schools and in particular the Specializing Master’s programmes and Lifelong
learning School of the Polytechnic of Turin should avoid on social media are promotional
content and non-original content. As mentioned in chapter 6, social media users do not want
to be target of advertising, so the number of posts that promote educational programs and
masters should be reduced, as they negatively impact both engagement and word of mouth.
Also, non-original contents should be reduced, where non-original content can be the reshare
of links coming from the school website and specially from other websites as the followers
do not appreciate this type of posts.

Another type of post that should be avoided is ‘events’; as highlighted by the results of the
analysis this type of post does not have a positive influence on the metrics, so the effort
should be on other type of posts.

In conclusion, the results of the analysis conducted in this thesis work allowed to understand
how Business Schools use social media, in particular which channels, how often and most
importantly the type of contents they publish. Thanks to the analysis a set of actions to be
implemented for the Specializing Master’s Programmes and Lifelong learning School of the
Polytechnic of Turin were identified to improve its communication strategy online.
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